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Abstract

Great many advertisements are serviced in on-line by development of electronic
commerce and internet user’s rapid increase recently. However, this advertisement service
is stopping in one-side service of relevant advertisement rather than doing users’
inclination analysis to basis. Therefore, want advertisement service that many websites are
personalized for efficient service of relevant advertisement and service through relevant
server’s log analysis research and enforce. Take advantage of log data of local system that
this treatise is not analysis of server log data and analyze user’s Preference degree and
inclination. Also, try to propose advertisement system personalized by making relevant site
tributary category and give weight of relevant tributary. User’s preference user preference
which analysis is one part of cooperation fielder ring of web personalized techniques use
information in visit site tributary and suppose internet user’s action in visit number of
times of relevant site and try inclination analysis of mixing form. Express user’s
pre‘ference degree by vector, and inclination analysis result uninterrupted data that
simplicity application form is not regarded and techniques that propose inclination analysis
change of data since with move data use and analyze newly and proposed so that can do
continuous renewal and application as feedback Sikkim. Presented method that can choose
advertisements of relevant tributary through this result and provide personalized
advertisement service by applying process such as user inclination analysis in

advertisement chosen.
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1. eCRV(Blectronic Customer Relationship Managerment)

Qlefdll 7]ute] 229l CRME eCRMelztx 39, nA
o thg olsjst Fale ezl CRMI BYsht, 1
ARPREE Y AJYAA Wdlle 3ol7} k. (16).

Z eCRMe|& e-Business &4 A-45= CRM2
et} by eCRME 7189 o=kl CRM# 23
AEYS B8 17 volgE ek, nAF Aful
A 5 glvhes 540] ACH17)(19).

¥& oCRME e-Business? S39 AAL v
(real-time reaction), AAIZE 7¥E B (real-time
pricing) 5% @ % Utk Aol Aot &Y, eCRM2
oA} FAe] 3, A, ey AYe FEYes
A 22 B nABeE § 5 Uk eCRME 7Y
S B} Qe #As] sl =431t eCRMY 7id
A g4 (2 13 #oH18)(19).
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Fig. 1 Concept enemy dimension of eCRM
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2. Hjole otol<(Data Mining)

2.1 Hiolg ojoldel 7ig
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T 43 ¥, BF % st 24 2 45 § £83
FRE FaE3la] oA} 2Ao] HEske AFolgd & + o
th(10]. dlolel mlejd 2 719 2, = 4 o8 §F O
g Folold gt HolE FF0] ofd ¥k uF FEe
FE & AYY A5 & % ZEHU 269 SN
FHZ 1 F8A4] 343 FAHn 3l woly rlejds
A% 7o FASAY 1Y, Wd 5%, 2z
g, AERUR, AW 2¥H e EEe U
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2.2 tijoj& olold 71

(1) BAE 71¥(Statistical technigues)

Foj FAE A fARE AN BAE wiEez
A48l g &8sl siAs Jhe ZIEoltk. A BA
g o] &3l A ARE AwstAY, AL FAHolE
2 A e WA, Be A2 43S olsislr] 9
A, AZE EA dig A3 s W57 A9 F
Aske g uidtt. ol WYe FAY HEI} A~
Blol A A8t 214 (FEsld Rule)d F8& Sl &
£ 4 PHErh: desEMiR £4 990] & HYsls
A ge BoklMe & ATyl 8 4 dcH9).

(2) ok £F(Associations)

AHY 5L old BF EAld g ol Yo
%e FlE B0, oo 2)& dair} e ollE{Prediction)
9] A 3AEL EHEHd) wa} £7(Segmentation)
= BAPE ofet, AF £ A129] A 715 (Historical)
dolH2RE AETe ABY F=E ST iAol
Be AEES aFsithe ZEAEIY 94FozN, FA
d FuiE 7hsAde]l E AEES FohgezA A
#49(Marcket Basket Analysis)olld thfe EAEd 3
£9 4 YvH10).

(3) E2{2EZ(Clustering)

o EXW(target) B d&s7|Rcke 4], 1
AT} o] &4d0] ¥tk MES Rold E 79 9
o gle TR e Aoz, ddde gelgs vR
B33 wf 0|5 At e B e FHE ol A
2oz AAK W 28 e 71gelth(9)(10).
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(4) AEHLR(Decision Trees)

GAEAUTE #F 2 d3e SlojA A sl 7
Moz DM ST Boll 4EE e WrET e
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°olti(11).

(6) AIEY 2 (Netutal networks)
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Table. 1 Relative Strenth among data-minings
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3. ¥ 7HelzHWeb Personalization)
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9 Hgske WolM AFHE 718 F3He AR F
Poll s Bl 2 £ e 1S MR AR &
Eldel] ghe ARE AEsl & & A diFe e o
mgch =3k Az AAH GANM AMgEE AR A
AF FHapo we} zplel HelA S PAgsta ARgate] Fof



96 sl 7 FEEHEEE Ao0iE(2003. 12)

7%, Aol pe AL FH WS F e FEMA
T4 (13).

g ApolEdNe] AAske dde] @ Hyolct. A
2a} S A5, B, PoMARS e ARG 3 Al
Eo) AT YAolEE AGATL ATE ARE IE2
A g e B Ao AAE SN
g ARIE 29AE A8 B ARE A AR
A&A olgol} oS opd & A o AbgAke
Aol 71 PR FRE BAF PoE AL F 9
A € (28 Ve @ AR 717z thele] 47

sk it

Content

Management Cug:::"
<«> <>
(4 [T
¥ o~ Personalization Legacy
. o
=h «> «—>
User Application Third Party
Web Data
Server i
Management

Tool

Ozl 2. { THelsle] JfTx
Fig. 2 Structure of Web Personalization

3.2 ¢ 7Helstel 7y

ol 7R 71913l Wbl iR B 7iEel oA €
A kAt dwkdoz QI3 Wdle AV Y
(Rule-based filtering), ¥ BEel@(Collaborative
filtering), 3¢ ollo]AE(Learning agent) 7t It Z%t
o] whso Alg byl ulgo HolE 7R3 glen,
g 7k ek ALgsks Aol ohEt YelM B AE F
ZA 7R e EgteiA ARSETh webd 7 iEe
H g3} 0|2 918 vehbe A - A 53E FESA
woksln A" wg deshe Aol vle F28}13).
(1) T#E71et Zed2(Rule-based filtering)

FH7ME gejge Qe AlE ARgALNA A&5HY
AES Wz, old thg AMERNe] whgR 7]Ee] EAst
£ AR o AFEAPE 5 g8 HEE o}
olel(AE 4 ol B 5T FHske 7IHE AHE
Aol oM Yz, AMEAll s AAPE RS
ggas ALE Boa 2P E B TS YA
Hoh{4).

(2) © ZE{2(Collaborative filtering)

#o gHge AHAEY MEE FHE ugoR §4t
3 A4S 7IXE e AHEA] o w2 M3E B ¢
o] ojole] & AREANIA FAshe ot #Y BH
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Helgle] 2 H3wo| ojoldlES FHATH1S).

(3) k& ollo|ME(Learning agent)

g4 dojdEE eyl AR BEe 2P R
AREARe] Ag BAE Zohllm old we} AREALAl A
Ag ARE AFske 7golth T oo|HEE FE A
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4 ¥ 23 24 (Web Log Analysis)
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(1) CLF(Commeon Logfile Format)(15)

CLF(A. Luotonen) ¢ viel dzgt & + ¢
NCSA Alge] xujelir 71202 PAsls Zasdss
o7 EF2a0YL HE Transfer £¥ Access Logfile
oz} Eejn| gUolE-L access log? Zo] AFt. (13
3)& CLF 2a3ge] A% 715 djoc}.

fr

>

208.247.90.78 - - [11/Jav2005:19:12:48 +0500] "€EY Andechint HTTP/L.0' 200 162

a3} 3. CLF 2mjle) Al 715 o
Fig. 3 Actuality recording recording example of
CLF log file

(2) [IS(Internet information Server) (15]

MS 1IS 2a3¢9384& Windows NTAM 714 ol
AHEEE 9ME S/WEAM AMFeR RARTE AT
. 2239 342 NCSA AgY zagdie dan,
Hde) V279 & 99 9 39 RRMERE Vs
s}, (28 e IS 22999 A 712 dolr}

ARATAA -, B3 1584, WAL, B3I 2RAVAOR B 30 W, 87, a0 Q &, Afalthim -,

ag| 4, 1S 2axujele| Ax) 718 of
Fig. 4 Actuality recording recording example of IS log fite

4.3 74019 HFE A= 2ame 24

7 AFES] dolgle URL A&71E2 Inetrnet
Explorer?] 7% history tldEde] A48t A3E 3
E£R8e AR AE5E URLFAS HE5HolA A8 2
2z AF AL dRe Ao B =3 A& &)
% URL #Holxl9] 52 HHZHy HE3S HHEy 2
2 AAgAe a8 ARE WA 5 lojA o]AE
olg-3le] AbgAle) Qe J&wt AMGA AR FRE &
3% <+ Uk

(B3O ¥E® 220 AN SHD ARG
BT R L] -}m‘gé’&:‘txn‘m

FAYU: das
FaunREs
B3

FE k238

¢ i”yoog. i } 3 ]
(Www. le.com,
oogle.com) & 2 00A B

173 OUA 29
Qo2 AoHA G2A B S T GHoogh .
8uD. 2378 B4 hisory log .. 3T AA: Nsoy log o, 0610002

T3} 5. History B
Fig. 5 History Information

£39 AR History HBEE AMujollA iy &
Qe 9 2aEch 2 eyl de sRIw, AR ook
Mol dig HEddRel A4 T LolE 5 e
ol ARA, e} AMEAE 2 BNEE Egshedle
o) ¢ s B2 389 History 22& 25312 3
g AR g siwez AFow BA Al 43S
e 2o BHHEE =48 & ojdh

> History 32 4%

v
S ERER T

o3 Neg
LAY [

History RYZ2F€
g2 38 4%

7
{ 2% B2 By J
2
2oqE YEE A4
Y 28

33l 6. History M& 2oty
Fig. 6 History Information Analysis Process
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Aelof] go} St 22 U2 a3lo] 9l Ay ellM
AHEAPE AE GRS dol E F Aok T ol A
447t & AN tE Mg 2E be be 3%
PR S BYFE k. THEE o] 21 5Yde
oj g3kl Qde) MuoN Adslel felsiet. vt Y
o URLAE7IES o183l 149 §/E 53uE A
o Y a7g FHslev ol fshs dlolH Weyt an
2 Aue] 2amde gHske AR vlay F2 E49
27E 22% F Qo

F 2. Mpi&el 2omel A0 AlRRIS 2mte] Bl jm

Table. 2 Comparism between Server LOG File
and Client’s Local LOG File

Mei 2omel 244 ARBXIE 2Omiel B4
Afo|=ef Tolst LR Asias) Sl

3% (chele) Mlojeoiin
7RIl Xgh)

(ArE8xte} B Mol e
SEE Mls 7H)
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# ZAdsle] Bot o 23 PEE At ddstna}
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o

2 =RoM Agshe dold 3 e AgAS =2
o) golfle URLE AT a2ln Z48 JRE of
43 URLS ¥7E 2 § EFFEE 7l o8¢
o o™ Alge] EFE il B #S RYdH &%
ERe BATHE Bk W 52 ¥Es A ¥ Aol
ohooled AdA Wl 27k ARSAe] A% ud
3tu WHANE o Aulzol HEAE ¢ o

2 BAg S8 BRAUY YT2AF NE

AHgAlel 22 Fuse] deold Fo) & W 223m
g olgsid ¥5Y FRE Pollok @k, ol € 3
wold oinigie HRE F237) A3 Holg wleld 71
(B4 7o) Jlaslel thest ge $REY YmdE
2 AN, oleid el HPL Aol AT g
ool HEe] 71w sl ARl B $F F F2 B4
Slel sk 2ot % @ 42 Aeeke Fgelek

Weight = 0.0

Total # of counts = A

Do until the last category
Count of a category = ali]
Ratio = a[i]/A

W eight[i] = Weight{i]l + ratio

Loop

T3 7. 55D} 5SS ] #fE YeE
Fig. 7 Algorithm to decide weight and weight extent

BE5% AR AiRIg Mul g R ARAL A% 7
AL Qi BRAEE 2Qtkn et ol (28 T
I 2L dnelFs ol8dl (2d )3 2ol 47 £
H AFF R $RE 0 £0E PRE 71ER o] £7F
EE #4sh "

A: 25, BER B:45,

A
n
Ax

B C:75, R D:SSJ

08 8. viE2} HiESHAE 2P| A 2R o
Fig. 8 Tributary information example to decide weight
and weight extent
(2% 89 EFAEE FAsle] HH (F 3)7 o] B
7 ulg ¢ vgEse 93 £ ok

E 3 &4 ool of
Table. 3 Example of Stochastic Mining

T ERE | Seae) | SAem(e) | 2Romew
2R A 25 25/200=0.125 | {0.000, 0.125)
=R/ B 45 45/200 =0.225 | (0.125, 0.350)
=R C 75 75/200 = 0.375 | (0.350, 0.725)

2R/ D(last) 55 56/200 =0.275 | (0.725, 1.000)
25 Aue ulgEoEs TR Bu (Y 99 2

o] vehd & ed Zel % F £F C 7 /M we
BAE AL UgE @ & ot olw g HAAA
2AE Yt xsE B9 £7E dd9sd 9o @,
4 &8 5 gu T G B Addde &
2 Al A e gdeth AT Ao BRI
Hjglsld £ o) 713 W3S A 771 A9E
e ofg- g ged 289 A9 ers A It
3 €.

Weight A Weight B

(2]l & [ ¢ | o |
0.000 0.500 \ 1.000

RANDOMLY 6ENERATED NUMBER : 0.751

Weight € Weight D

08l 9. HE olgsl 8t ol BR zd
Fig. 9 Selection of One Cateroy Using Random Number
(B 33} (3@ PollA Aed BR/71 Abexte] H3S
sy e $23 AR LT A2 AF3
4 Adslel FAREY ool AEL] A AR
59 MEwe}t AHEAle] FE HHRAIES] BHES W
iR 7P
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ANolES] MEEs FRHsd et HEste Fn $FE
2YAE + Uk

3 ALEBXtY] HE 24 Y

AE2LE] 3% dlolElZt ASEA U2 o oA gt
olF o] BAZE A 7hsAdel it whefol o|de] e
BT FASR o|F9 gtk &A1 B 4%E 2HsE
T o] o] o] FAE oA g3} olF gho]
HZ 2 ez 9FE vlAA 5] Haide el #
%ol Basitt.

ol gk &
o% 2k €
Qoo =jojo} o &5 Hig

S+

category ratio ()= Ts+xe

8] 10. A&l AKX} ME oolefol CifEt B4 Ty
Fig. 10 Updating Client’s Before and Afert Data

He (E e 99 4L A8 olan 0% Bl
Ul§L nozT ojzad AHE WD old elt ol
& 3 36 939 /MY dhe gl 9% A4S F
o 9L 2 + A

o Agahe A5e AHTARA sEelt dziek
2UEE Fejsl] Bolshe Ro) Fok

X 4. oHzta} olFat 2H Y shE
Table. 4 Example of Two Data Set(Before and After)

BRA | ErB. | HRe I ERD
ofd 2t 20 80 10 70
o @t 80 30 100 80
ofxe 20/180 80/180 10/180 70/180
ClES =0.11 =0.44 =0.05 =0.38
ol%e| | 80/290 30/290 100/290 80/290
HiE =0.27 =0.10 =0.34 =0.28
o (20+80)/ | (80+30)/ | (10+100)/ | (70+80)/
;lg“ (180+290) | (180+290) | (180+290) | 180+290)
=0.21 =0.23 =0.23 =0.31

4 JH9lst 23 Hol2g o|BF D AH

AR A B4 5o Qe 2 me zdze) 2
2 B2 ska Azl Fao) el TheH e 7}
2 AW Agsla ¥R Buol v vgues
253 9o,

JFEAZY w2 3l dig) +AdE0) HosHH
ol& #2EI dgslo] Aul= He AL ot

H 5. 7iols} B Eolg MME st 71Ex] ARt
Table. 5 Calulation of Weights for Advertisement Table

AD | Ad Amount | Ad unit | Ad Ratio Ad Weignt
Name (E) Cost (D Range
Ad A a a’ a a

| 0y
Ad B , B a a+p
/ 7l s | SEse
Ad X X X’ x n-Zg
(last) 2E 2E

gote Fat ddo] | Fat o Wkt A A #
19 & 295 ¢ 3o g win AA vlgA 2
Agke ¥FE oAl Al wiEe] HAE Adean o
&9 #3e 2] gl& v Az AH4d 3o WA=
A2E Fg At

X 6. 7igiat A1 EolEe] of
Table. 6 Example of Personalized Advertiserment Table

gap | sam | & uE 9
Adver A| 1000 1 1000/10000=0.1 | (0.0, 0.1)
Adver B| 2000 1 2000/10000=0.2 | (0.1, 0.3)
Adver C| 3000 1 3000/10000 = 0.3 | (0.3, 0.6)
Adver D| 4000 1 4000/10000 =04 | (0.6, 1.0)

V. Al A 2 A3

>

i

1. ZHQISHE 2D AJAR AL

B3 Azddis 32A § 7R 2ol st} shie AR
A7t A% URLAEE 7oz dojg #& ves A
ol MY Foll BATAY sHE AL 3 o #F
2E Adgsle 3ot

£ =7dA Ae A2"S dEsly) fsld ARaakE
Z 2% (Category Retriever)& ARSI, AMEH =3
a#E B3 AR HE& URL FARE F338la, 528
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FRE 2FFY duaEs FEsd & A9 £F FRE
NED O EF FelA g el FnE 12w MuE 22
IS YEY A A Adsig (¥ 11> A
B3 Azl Ald A% olth

Client Server for Campaign

Program StartUP N

Reguest

Replv

Bequest for DATA

Search through the
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