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Design and Implementation of Intelligent Web Search Agent
using Case Based Reasoning
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Abstract

According as quantity of information is augmented rapidly in World Wide Web, users
are investing more times finding correct information to own. Search function that a
search agent is personalized according to user’s preference degree or search objective to
solve these problem should be offered. Therefore, a search agent accumulates experienced
knowledge connected with user’s past search in this research. When new query was
given, search agent offered learning function of intelligence that decides category group
through estimation method of similarity using this knowledge. So this paper showed that
case based search can bring superior result in the correctness rate than other search
method.
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