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Design and Implementation of Web Mail Filtering Agent
for Personalized Classification

Ok-Ran Jeong'- Dong-Sub Cho'!

ABSTRACT

Many more use e-mail purely on a personal basis and the pool of e-mail users is growing daily. Also, the amount of mails, which are
transmitted in electronic commerce, is getting more and more. Because of its convenience, a mass of spam mails is flooding everyday. And yet
automated techniques for learning to filter e-mail have yet to significantly affect the e-mail market. This paper suggests Web Mail Filtering
Agent for Personalized Classification, which automatically manages mails adjusting to the user. It is based on web mail, which can be logged
in any time, any place and has no limitation in any system. In case new mails are received, it first makes some personal rules in use of the
result of observation ; and based on the personal rules, it automatically classifies the mails into categories according to the contents of mails
and saves the classified mails in the relevant folders or deletes the unnecessary mails and spam mails. And, we applied Bayesian Algorithm
using Dynamic Threshold for our system’s accuracy.

9= QIEHE B7(Personalized Classification), #l Mg ZE{2 HOIME(Web Mail Filtering Agent), iHID2|Y 27, S5 AR
(Dynamic Threshold)
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Document  Set D ={d.d.dh,.., d}
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[T otherwise
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3.3.1 The Web Mail Interface Module
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3.3.3 The Web Mail Classification Module
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Welcome to Webmail!
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z718HE dlolE] AANsta, 1 % 3Py WY Y9 E
1= W4y 4 £& e

golA A3E & Eo el 3
o2 NEg & AT

® Move Button : Rule #A|Z 2% Inbox9 W&& 23
9 A Aoz EF3HE ¥HE, Move Button
Ao A Inbox ¢t WS v‘f'_—TEr'}ﬂl "t

e File Check Button : & A" 447152t §4
ol g HE=E A2 o o]&¥ F ok F "]
glo]d & Ag o]g¥ Exozm wIEHS v, AHA 2
gk A&zt Al AEAAE F ¢ U

® Result Delete Button : File Check A8 & thA] %713}
& o A&

® Category Folder Tree: £t Edle AAd 7lguadd
ZHES EY gHZ R4FY, Zr AZ dag A
A A AA dde] Inboxll A o]F Al &AAE Eu9
Eoll &AAE vde & dolgrt Frtdt AAE 8t
A &g AE YR FAADL B9 Frhe dojubA] &

£t} Create Rule &S ALEd mjx Hgo] Hrl,

FE A

43 DBel +#

BEY OMP Dok &= e R
Ll S Anm

FEDRE N Bk

Tlwese 1o

i3
BT BN

(%l 7) DB Hlolg 74



B = A AgrstE WMFA(Web Mail Filtering Agent)
A 2= DBE MS2l SQL 2000 Enterprise® F#3}th.
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® comp.graphics : ©J"A|, A, AR, #AFE TR
Ul

e comp.os.ms-windows : Ms-Windows, 2% A 4(0S)
o

e comp.sys.mac.hardware : 7|7, TFFHH =

e miscforsale : #x2, &% #&

e recauto | AFEXH 97 HEH TE Hof

® rec.spot.baseball © &

e scielectronics @ AR A F

® sci.space : HE, ¢

o talk.politics.guns : A A}, A1l #&A

e spam : &% A ¥

Date : ¥# (yyyy-mm-dd hh : mm : ss)

From : &AL o)Wl F 4 (test@webmail.com)
Subject : PI A & (test subject)

Lines : A<} W89 F15 (20)
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2 488 AN2"9 7% F Filecheck 7]%5& o] &3}
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~HE&
EPE(F} mﬂ(ﬁ) AL
Date: 2003-81-13 15:58:31 <!
From: Searcher7@mail.con2.com -
Subject: Help: Corrupted mages?

Lines: 24

Most of the images on my hardrive can no longer be opened. When I
tried to open a jpeg, I get a3 pop-up like the Following:

"14157485_371170.jpy : JPEG Decode error !
“Invalid JPEG file structure: SOS before SOF“

And when 1 try to open a bitmap I get something like the followirg:
"D:¥Images|48.bmp*

“Paint cannot read this file"

“This is net a valid bitmap file, or its format is not currently
supported”

I have these problems with just about every image I attempt to open.
fre they corrupted, and is there a way to correct this problen?

Thanks a lot.

Darren Harris
Staten Island, Wew York.

Searcher7@mail.con2.com

Date: 2003-81-14 09:01:32
From: ATCHIRE@ntu.edu.sq vl
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Total Mail 317

Talk.politics.guns 281( 88.64 )
UNKNOWN 25( 7.89 )

SPAM 1(0.32)

Misc.forsale 8( 2.52 )
Rec.sport.baseball 1( 0.32)
Comp.graphics 1(0.32)
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Category Precision Rate

Number Category Item total data|correct data | Precision(%) Using
1 comp.graphics 12310 10587 8 80000 Dyramie
2 comp.os.ms-windows 321 295 92 50000 Freshold
3 [comp.sys.mac.hardwore 840 748 8 s 40000
4 misc.forsale 23100 21714 A 8
5 rec.autos 1718 | 14431 8 g ::::: D
6 res.sport.baseball 16210 15075 3 Correct data(l)
7 sci.electronics 9820 8936 91 10000 o Correct data(2)
8 sci.space 240 19 & 0
9 talk politics.gus 24310 20664 3 12 3 4 5 6 7 8 9 10
10 spam 11210 9977 89 Category Item

Average il (32 13) 5 AAAIE =2 F Fiena|d sz
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Number Category Item Total data Correct date(1) Precision1 (%) Correct date(2) Precision2(%)
1 Comp.graphics 23579 20278 86 21457 o1
2 comp.os.ms-windows 573 527 92 470 82
3 comp.sys.mac.hardwore 1578 1404 89 1215 77
4 Misc.forsale 38434 26128 A 38050 9
5 rec.autos 23712 19918 84 201565 &
6 res.sport.baseball 17124 15925 93 16610 97
7 sci.electronics 12354 11242 91 10624 86
8 sci.space 11694 9706 83 9940 &
9 talkpolitics. gus 62015 53478 85 59140 9
10 Spam 7260 6461 89 6897 B

total 199223 176512 184558

Average 836 89.1
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