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Latent Semantic Indexing Analysis of K-Means Document Clustering
for Changing Index Terms Weighting
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ABSTRACT

In the information retrieval system, document clustering technique is to provide user convenience and visual effects by rearranging documents
according to the specific topics from the retrieved ones. In this paper, we clustered documents using K-Means algorithm and present the effect
of index terms weighting scheme on the document clustering. To verify the experiment, we applied Latent Semantic Indexing approach to
illustrate the clustering results and analyzed the clustering results in 2-dimensional space. Experimental results showed that in case of applying
local weighting, global weighting and normalization factor, the density of clustering is higher than those of similar or same weighting schemes
in 2-dimensional space. Especially, the logarithm of local and global weighting is noticeable.
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<h2>Probleam</h2> "’G L
<p> o
Percicions on your harddisk (for example Linux' extZfs) may be misnligned 50 that
it confuses FDISK. This is probebiy a bug in Uarp.

<p>

<h2>Procedura</nz>

<p> 44
The FDISK included with 08/2 2.1 (or Uarp Beca II) does not have this problem. If you

can‘'t get this FDISK, contact me.

<o>

There are at least four possible solucions te this problem.

@ nyk
<oL> .
<LI>If you have the floppy version of Uarp, backup the disk containing FDISK

(<b>Diskerte 1</E>). Copy the FDISK of 2.1 onto that disk, replacing Varp's

FDISK.<p>

<LI>If you have the CD version of Uarp, probsbly the easiesc solution is to make

the diskimages from the CD. Execuce MAKEDSKS.BAT or HAKEDSKS.CHD on your CD HhY 9 s o@ M oew o *
for that. Then proceed as Gascribed above. If you're not an expert, this im the way S0 go.

The dicadvantage is that youw il need lots of floppies, and installation will teke quice som
time. <em>If I vere you, I would not install all belis and whistles. Once you have a minims
system on your herddisk, you con inscall ocher parts directly from the CD. Uhen Selective
Install asks for a path (defaults to A:), change that to <b>x:</b>\0S2IMIGE, vhere Erel 8
<b>x:</b> is cthe drive letter of your CD-ROM.</em> r:"r -
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