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A Face Recognition System using Geometric Image Processing

Lee, Hang Chan'

ABSTRACT

Biometric system has been studied as an optimal solution for preventing or reducing the peculation
or loss of ID. Nowadays, face recognition has been spot-lighted as a future biometric system because
it is not forced to contact the part of human body with the specific input area of the system. However,
there is some limitations to get the constant facial features because the size of face area is varied by
the capturing distance or tilt of the face. In this paper, we can extract constant facial features within
the predefined threshold using the simple geometric processing such as image scaling, transformation,
and rotation for frontal face images. This face recognition system identifies faces with 92% of accuracy
for the 400 images of 40 different people.

Key words: Face Recognition, Biometric System.
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