1.ME2 € 358 B2e A

2xsla B33 87444 2LEHY Co]AET} o
W YL Yol vl di o)dEd gardA
(rational decisions)& %<& B]8-g FWO{1-6]. & N
5o, o PFFEd dF 9 H=E)(expected ::'1
utility)E A4rstaL o] FolA Hdl fEHE e 7

HAEAGSEEA AZEY B §& A D B A 12 Z(0B12)

A1 Z¢ AeFA Ql 3 A H3Y 7S
A58 AAAon §F 9 4AR B
(Practical and Flexible Decision-Making Using Compilation
in Time-Critical Environments)

LN
(Sanguk Noh)

2 ¢ o do]AES} A E(multiagent) FENM A& dojHAEEL Bsin AT &

7wt olgl g deoAEER 1Y il ARG FIYstoor dtr] w2 AsE Az e 9
A2 #(decision-making) S LI AL dFFoz BIedich ojd EAAE SEIT I
Aol A A YFL £33} At LAY do|HEENA TFdn AT JAHEA HEE
AFE) o] WHELS AAEAY AHQ 32 JAEH A28AZE 1Bdle AAHQ do|HEY 9
ALAAE 713 EE Atk #d% AAbEA el 3hE Add® 39 AN A, ASFHA
dolFEE BT HAL BANA 71ed A5 WS A7) sty 2A-PF FIH LS AMEIh
AAF o] AN Fo Agte) 7ukg Hxoll wel ojd] HAG PFL ALFHOE £IYIe A
3 o] AEE APHo T HQlth

FI9E : oo|HE Ay AAA, FHLYG ZtE do|AE, A AGFHA 87, AAF ol AAF

Abstract To perform rational decision-making, autonomous agents need considerable compu-
tational resources. When other agents are present in the environment, these demands are even more
severe. In these settings, it may be difficult for the agent to decide what to do in an acceptable time
in multiagent situations that involve many agents. These problems motivate us to investigate ways
in which the agents can be equipped with flexible decision-making procedures that enable them to
function in a variety of situations in which decision-making time is important. The flexible
decision-making methods explicitly consider a tradeoff between decision quality and computation time,
Qur framework limits resources used for agent deliberation and produces results that are not
necessarily optimal, but provide autonomous agents with the best decision under time pressure. We
validate our framework with experiments in a simulated anti-air defense domain. The experiments
show that compiled rules reduce computation time while offering good performance.
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