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Abstract Visitors who browse the web from wireless PDAS, cell phones are frequently
frustrated by interfaces. Simply replacing graphics with text and reformatting tables does
not solve this problem, because deep link structures can still require more time. To solve
this problem, in the paper we propose an algorithm, Minimal Path Algorithm that
automatically improves wireless web navigation by suggesting useful shortcut links in
real time. In the result of this paper, Minimal Path algorithm offer the shortcut and the

number of shortest links to web users.
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/* S: Source node, D: Destination node */
Begin
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Begin
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End
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End
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End
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Begin
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End
End
End
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