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Efficient Lane Detection Using Histogram Based Segmentation
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Abstract

A vision system for Intelligent vehicles here. The system exploits the characteristics of the gray level histogram of the road to
detect lane markers. Each lane maker is then analyzed using a decision tree, and finally the relations between lane markers are
analyzed to create structures defining the lane boundaries. The resulting system also generates images that can be used ae
preprocessing stages in lane detection, lane tracking or obstacle detection algorithm. The system runs in realtime ay rates of about
30Hz.
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Fig. 1 Histogram of the first scan lines
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Fig. 2 Image thresholding and merging
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Fig. 6 Sample |mages
{a) histogram segmentation (b) lane maker candidates
(c) obstacle candidates
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Fig. 7 Offset measurements
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