Comparative Analysis on Error Back Propagation Learning and Layer By Layer Learning in
Multi Layer Perceptrons
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ABSTRACT

This paper surveys the EBP(Error Back Propagation) learning, the Cross Entropy function and the LBL(Layer By Layer)
learning, which are used for learning the MLP(Multi Layer Perceptrons). We compare the merits and demerits of each learning
method in the handwritten digit recognition. Although the speed of EBP learning is slower than other learning methods in the
initial learning process, its generalization capability is better. Also, the speed of Cross Entropy function that makes up for the
weak points of EBP learning is faster than that of EBP learning. But its generalization capability is worse because the error signal
of the output layer trains the target vector linearly. The speed of LBL learning is the fastest speed among the other learning
methods in the initial learning process. However, it can’t train for more after a certain time, it has the lowest generalization
capability. Therefore, this paper proposes the standard of selecting the learning method when we apply the MLP.
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