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A Study on the Hair Line detection Using Feature Points
Matching in Hair Beauty Fashion Design

Sun-Hee Song, Sang-Dong Ra, Yong-Geun Bae
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ABSTRACT

In this paper, hair beauty fashion design feature points detection system is proposed. A hair models and hair face is represented
as a graph where the nodes are placed at facial feature points labeled by their Gabor features and the edges are describes their
spatial relations.

An innovative flexible feature matching is proposed to perform features correspondence between hair models and the input
image. This matching hair model works like random diffusion process in the image space by employing the locally competitive
and globally corporative mechanism. The system works nicely on the face images under complicated background. pose variations
and distorted by accessories. We demonstrate the benefits of our approach by its implementation on the face identification system.
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Figure 1. Overview the System on Hair Model Sorting
process
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(e) The map of inverse network response, the
lower T is shown as higher(brighter) in the
map.
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Figure 3. Hair Model and Hair feature points Detection
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Table 1. Performance against the Bern University face
database

Hair Test Images Correct | rate

70 Hair Images frontal Pose 62 97.46

130 Hair 1mag§s rotated in depth 116 .38
to the right and left

130 Hair images rotated in o 845

depth to the upper and lower
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