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Generating Korean Energy Contours Using Vector—regression Tree
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This study describes an energy contour generation method for Korean TTS systems, We propose a vector—regression
tree, which is a vector version of a scalar regression tree, A vector-regression tree predicts a response vector for
an unknown feature vector, In our study, the tree yields & vector containing ten sampled energy values for each phone,
After collecting 500 sentences and its corresponding speech corpus, we trained trees on 300 sentences and tested
them on 200 sentences, We construct a bagged tree and a born again one to improve the performance of contour
prediction, In the experiment, we got a 0,803 correlation coefficient for the observed and predicted energy values,

Keywords: Energy contour, TTS system, Vector—regression tree, Prosody, Speech synthesis
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Table 1. Performance of the standard vector-regression
tree for energy vectors,
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Table 2. Performance of the vector-regression tree on the
energy contours of test utterances.
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Fig. 1. Standard vector-regression tree for energy vector prediction.
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Table 3. Performance of the improved vector-regression
trees for energy vectors.
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Table 4. Performance of the improved vector-regression
trees on the energy contours of test utterances.
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