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A Study on Speaker Recognition Algorithm Through Wire/Wireless Telephone
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In this thesis, we propose the algorithm to improve the performance of speaker verification that is mapping feature
parameters by using RBF neural network, There is a big difference between wire vector region and wireless one which
oomes from the same speaker, For wire/wireless speakers model production, speaker verification system should
d stinguish the wire/wireless channel that based on speech recognition system, And the feature vector of untrained
¢ annel models is mapped to the feature vecotr (LPC Cepstrum) of trained channel mode! by using RBF neural network,
As a simulation result, the proposed algorithm makes 0,6%~-10, 5% performance improvement compared to conventional
nethod such as cepstral mean subtraction,
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ASK subject classification! Spesch signal processing (2.5)
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Fig. 1. Basis configuration of RBF neural network.
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Fig. 2. Degradation factors of speaker recognition.
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Fig. 4. The proposed training block diagram by RBF.
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Table 1. Recognition rate of speech recognition between
wire telephone and wireless telephone.
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Tabie 3. Comparison of the recognizing rate between con-

ventional and proposed method on the wireless
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Table 5. Comparison of the recognizing rate between con-

ventional and proposed method at different channel.

wireless{training) — wire(recognition)
Cepstral Mean Subtraction

after training after 3 days
50 users FR FA FR FA
total 222/500 | 185/24500 | 239/500 | 208/24500
% 444 0.755 478 0.849

total error rate FR: 46.1%, FA: 0.8%

50 users after training after 3 days
fR FA FR FA

total 171/500 | 706/24500 | 187/500 | 709/24500
% 342 288 374 289

total error rate FR: 35.8%, FA: 2.89%
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