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Performance Improvement of Fast Speaker Adaptation Based on
Dimensional Eigenvoice and Adaptation Mode Selection
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Eigenvoice method is known to be adequate for fast speaker adaptation, but it hardly shows additional improvement
with increased amount of adaptation data, In this paper, to deal with this problem, we propose a modified method
estimating the weights of eigenvoices in each feature vector dimension, We also propose an adaptation mode selection
scheme that one method with higher performance among several adaptation methods is selected according to the amount
of adaptation data, We used POW DB to construct the speaker independent model and eigenvoices, and utterances
(ranging from 1 to 50) from PBW 452 DB and the remaining 400 utterances were used for adaptation and evaluation,
respectively, With the increased amount of adaptation data, proposed dimensional eigenvoice method showed higher
performance than both conventional eigenvoice method and MLLR, Up to 26% of word error rate was reduced by the
adaptation mode selection between eigenvoice and dimensional eigenvoice methods in comparison with conventional
eigenvoice method,
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Fig. 1. Performance comparison of various speaker adaptation methods.
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