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A Study on the Moving Object Tracking Algorithm of Static Camera and Active
Camera in Environment
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ABSTRACT

An effective algorithm for implementation of which detects moving object from image sequences. predicts the
direction of it. and drives the camera in real time is proposed.

In static camera, for robust motion detection from a dynamic background scene, the proposed algorithm performs
statistical modeling of moving objects and background, and trains the statistical modeling of moving objects and
background, and trains the statistical feature of background with the initial parts of sequence which have no
moving objects. Active camera moving objects are segmented by following procedure, an improved order adaptive
lattice structured linear predictor is used.

The proposed algorithm shows robust object tracking results in the environment of static or active camera. It

can be used for the unmanned surveillance system, traffic monitoring system, and autonomous vehicle.
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