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Anomaly Detection Method Based on The False-Positive Control
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ABSTRACT

Internet as being generalized, intrusion detection system is needed to protect computer system from intrusions synthetically.
We propose an intrusion detection method to identify and control the contradiction on self-explanation that happen at pro-
filing process of anomaly detection methodology. Because many patterns can be created on profiling process with association
method, we present effective application plan through clustering for rules. Finally, we propose similarity function to decide
whether anomaly action or not for user pattern using clustered pattern database.
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