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o] &3te WY 5 Udxz dFgx . 4F
PR AEHOEZRE @29 EF A3 =
#E AG Yo EAdts Gt HE 42t A
g Edolge /M S A AP EFED 9 A
= % EFFH M BF u Y S 2=
035 HALE AW E 4 ¢l o) & #ds) 93
A4 2 HAE o] &3te Wy Eo] AL E
ool AL 4 A8V 7Me2 £XE 7HE FS
7h 9 B3 RS A¥HoE M3 Yav
27 W Eolnt. ‘

FHAE sto]l¥ 2HEY 4G4 g @
T7F ol £ 1 Utk 3t W AHEY HlolH e
olu] ] £FAE ¢ dlojy 2HEY M7}
S EFE d FHAM FHo o2
ro] FAl MHALE ghg 3 sto] whE oA
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Intergrade

Linear Sub-pixel
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SUBPIXEL PROCESSING INPUT STANDARD CLASSIFICATION
1
Preprocessing 2 Preprocessing
« pixel background W 3 + Rectification /
characteristics M Terrain correction
Remotely Sensed data l

Environmentat Correction Signature Derivation

« Atmospheric correction * Spectral clustering
« Scene normalization » Supervised training sites

! ]

Signature Derivation ot

« Find common
subplxe! components

+ Signature definition

Subpixel CI

» Pixel background removal

» Find subpixel residual
match w/ref.sig.

» Pixels classified using
fraction of MOI present

!

ouTPUT

A

Classification map

» Unsupervised classifer
« Supervised classifier

Classification map
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A ojd Ex 9 EA FFE BI3HA Hew 3
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HRALE 2R 2% g3 d7] §d8 544 2%
F7MHA ARE AT FAE AA S AA FE
& AA 22L& =&3 A o]H3 54E& 7}
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WES7}F 1007] o]de] He dtolH M EHS
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¢
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High Dlmansiqnal
Data
1
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Determine Quantitative
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ARAE 22 A029) FEY BLR § &
AR E AW A9 AS ol 753 A
A olAB JHEL FPAFEE ¥} 59
FAolte BHS 7T Utk W DY A
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HolR 7ol G VLR o FAEY
A o] 87 BFolT H2 Bo] o] &HE I
FA /1o 2= IHSS PCAVE 9la1, Wavelet$
ol 23 AT el Bol AFHI Y.
Wavelet Mg o] &3 F3R43 NHL 4%
A U ddse E4E HAF AFAI1A
gete Yol Efad I 4 JIHe =
Aol AR ok HS 71 PCA 71H e &
WP F HYEE FEI VY ¢ Ao A
< AU, H4A4948L dA M g Jx A4
B3 BEA 2 33 s¥ES AU Jan
AFRE gL FHoz A4S HEH
L2z Y Agd g3t 47 n& AN &
F¢ dolgrt oy itk M2 g8 $7Y
AL ALY oz P55 AF 4L 4] A
Hog Asld 43 BHYHA ARES AFT
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LFE 539 (gs 92 #4383 5, 8
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likelihood classification) 59 ZAEEF 1=
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33 =3 1007] o4 qge MEE vt
stolw ~AHMEY FA49 59| shes Ak o
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F &g BF 7Y 54 dId @7 F
AR ojFoiAn it

5o AF FAle ol A LA E Y4
A9 2P RE BF #Al, Sub-pixeld] £F
A 5 43 BAE dol Uv FEE] ol
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AT 283 BF B TS AT ARE
R 7Y 9FE ASHT Qo fEYete
19999 tEH A& A4 ol F 13 LAbol
AFete] AxAZ, FERE T g7 oo =
AP Y B2 & U AAE 2EA H
Atk oldl 94 9 BH A g AP
2 88L& 1 FAAE dIA HJARG
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