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Density Based Spatial Clustering Method Considering Obstruction

Hyun-Sook Lhni Ho*Sook Kim'", Hwan- Seung Yong i
Sang-Ho lLee and Seung Soo Park’

ABSTRACT

Clustering in spatial mining is to group similar objects based on their distance, connectivity or their
relative density in space. In the real world, there exist many physical objects such as rivers, lakes and
highways, and their presence may affect the result of clustering. In this paper, we define distance to
handle obstacles, and using that we propose the density based clustering algorithm called DBSCAN-O
to handle obstacles. We show that DBSCAN-O produce different clustering results from previous density
based clustering algorithm DBSCAN by our experiment result.
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