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Abstract

This is the study on recognition units and segmentation of phonemes. In the case of making large vocabulary
speech recognition system, it is better to use the segment than the syllable or the word as the recognition unit. In
this paper, we study on the proper recognition units and segmentation of phonemes for Korean speech recognition.
For experiments, we use the speech toolkit of OGI in U.S.A.

The result shows that the recognition rate of the case in which the diphthong is established as a single unit is
superior to that of the case in which the diphthong is established as two units, i.e. a glide plus a vowel. And
recognizer using manually-aligned training data is a little superior to that using automatically-aligned ftraining
data. Also, the recognition rate of the case in which the biphone is used as the recognition unit is better than that
of the case in which the mono—phoneme is used.

Key words : recognition unit, phoneme, biphone, segmentation
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