x| % XSAlAHEs| =2%] 2008, Vol 13, No. 1, pp. 6-11
oE2l MAY HXJx LA
Optimal Structure Design of Modular Neural Network
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Abstract

Recently, the modular network was proposed in a way to keep the size of the neural network small. The modular
network solves the problem by splitting it into sub-problems. In this aspect, fuzzy systems act in a similar way.
However, in a fuzzy system, there must be an expert rule which separates the input space. To overcome this,
fuzzy-neural network has been used. However, the number of fuzzy rules grows exponentially as the number of input
variables grow.

In this paper, we would like to solve the size problem of neural networks using modular network with the hierarchic
structure. In the hierarchic structure, the output of precedent module affects only the THEN part of the rule. Finally,
the rules become shorter being compared to the rule of fuzzy-neural system. Also, the relations between input and
output could be understood more easily in the proposed modular network and that makes design easier.
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