40 HEAB}S =T A 2ZEo} R & A 30 F A1 ZQ032)

M3 = 8 du]Alo] A A% E=EA
7k A oo AE
(An Ontology-based Recommendation Agent for
Personalized Web Navigation)

= t + 5 \
g9y L= z F

[

(Hyunsup Jung) (Jaeyoung Yang) (Joongmin Choi)

2 % —gggxmmtologx & BA(objec) BT ©]E Ato]o] BAS] Aojo) ofsle] ofwl Aldo|i)} AlE)
£ #8e A4 32E Polth £ =EAs 2EEAE o/&% Y A Bt o)E vigom ARy
B a4 gk 7H°J§} d ARE AFsts do)MEE Adgth dolHEE § EAEe] HAE JUI
TZE A% YU 173 LEEAE bR ) EME BRI Ik B =FdA g4 7
Hiconcept)®} 7ol dWidt EA(feature), N3t FAl(relation) 28] &4 EHE 3 *ﬂ?}iﬁ{‘

(constraint) ©.2 o} Fojr}. oo]dEw AbgAt Z2ads FA A d3E o] g8t Ao AR
278 802 doldla AHgate] HeEtAS FAEc T dojdEE g dilook-ahead HH-&
B3 BME 5 2 NHeR RdFo=A AgAL F0 oEsty] A 49 WA 9 BAME F
kA ok

Abstract Ontology is the artifacts for representing the truth or the states of chjects by defining
objects and their relations. In this paper, we propose an agent that classifies Web documents and
provides personalized information towards user’s information needs using ontologv. The agent uses
ontology in which semantic relations on Web documents are represented in a hicrarchical form to
classify Web documents. In this paper, ontology consists of concepts, features(describing concepts),
relations(among concepts) and constraints(among clements in a feature). The agent can capture user's
information needs cfficiently by using ontology and assist Web navigation by using users profiles and
the results of identification of semantic relations in Web documents.

Also, the agent obtains Web documents by a look-ahead search and represents them as concepts,
therefore users can understand them easily by receiving recommendations expressed in the form of
high-level concepts.
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