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Interesting Node Finding Criteria for Regression Trees*

Yung-Seop Lee Y

ABSTRACT

One of decision tree method is regression trees which are used to predict a continuous
response. The general splitting criteria in tree growing are based on a compromise in the
impurity between the left and the right child node. By picking up the more interesting
subsets and ignoring the other, the proposed new splitting criteria in this paper do not
split based on a compromise of child nodes anymore. The tree structure by the new
criteria might be unbalanced but plausible. It can find a interesting subset as early
as possible and express it by a simple clause. As a result, it is very interpretable by

sacrificing a little bit of accuracy.
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