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Load Forecasting for Holidays Using a Fuzzy Least Squares Linear
Regression Algorithm

(Kyung-Bin Song - Bon-Suk Ku - Young-Sik Baek)
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Abstract - An accurate load forecasting is essential for economics and stability power system operation. Due to high

relationship between the electric power load and the electric power price, the participants of the competitive power market

are very interested in load forecasting. The percentage errors of
to improve the accuarcy of load forecasting for holidays, this paper proposed load forecasting method for holidays using a

load forecasting for holidays is relatively large. In order

fuzzy least squares linear regression algorithm. The proposed algorithm is tested for load forecasting for holidays in 1996,
1997, and 2000. The test results show that the proposed algorithm is better than the algorithm using fuzzy linear

regression.

Key Words : load forecasting, fuzzy least squares linear regression.
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Fig. 1 The least square method
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Table 2 Forecasting variables and value of four weekdays
before holiday

ao i al x4

& 0.003037 0.825254 0.993044

ojlpg A »

A (1) 2RE  y,=0.822547F AAbgc)
T g Ad BY 49 F HY oz AR @
5 ghe ged 2o

0.822547 = 25914.600000 [MW] = 21315.982270[MW]

235



BRBERNEE 52DF 43 2003%F 48

96 =Fde AA & 21430.200000[MW]ol B2 2 2§
< 053%% dFo] Ak HA Ha A% HYIAARY ¢
25E€ 199699 Sdol dist Ags 2y ¥ 3% Pk

x 3 1996 S=xdoll i3t ol 2R dH|1
Table 3 The comparison of load forecasting errors for
holidays in 1996
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Table 5 The comparison of load forecasting errors for
holidays in 2000
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