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Development of Visual Servo Control System
for the Tracking and Grabbing of Moving Object
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In thig paper, we address the problem of controlling an end effector to track and grab a

moving target using the wvisual servoing fechnigue. A visual serve mechanism based on the

image based servoing principle,

ig proposed by using visual feedback to control an end effector

without calibrated robot and camera models. Firstly, we consider the control problem as a nonlinear
least squares optimization and update the joint angles through the Taylor Series Expansion. And to
frack a moving target in real time, the Jacobian estimation scheme(Dynamic Broyden’s Method) is
uged to estimate the combined robot and image Jacobian. Using this algorithm, we can drive the

objective function value to a neighborhood of zero. To show the effectiveness of the proposed

algorithm, simulation results for a six degree of freedom robot are presented.
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Fig. 5 Visual servoing system
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