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Abstract

In this study the results of Chungju reservoir inflow forecasting using 3 layered neural
network model were analyzed in order to investigate the characteristics of neural network model
for reservoir inflow forecasting. The proper neuron numbers of input and hidden layer were
proposed after examining the variations of forecasted values according to neuron number and
training epoch changes, and the probability of underestimation was judged by deliberating the
variation characteristics of forecasting according to the differences between training and
forecasting peak inflow magnitudes. In addition, necessary minimum training data size for precise
forecasting was proposed.

As a result, We confirmed the probability that excessive neuron number and training epoch
cause over—fitting and judged that applying 8~10 neurons, 1500~3000 training epochs might be
suitable in the case of Chungju reservoir inflow forecasting. When the peak inflow of training
data set was larger than the forecasted one, it was confirmed that the forecasted values could be
underestimated. And when the comparative short period training data was applied to neural
networks, relatively inaccurate forecasting outputs were resulted and applying more than 600
training data was recommended for more precise forecasting in Chungju reservoir.

Key words : reservoir inflow, forecasting, neural network, underestimation, over-fitting
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