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ABSTRACT

With the growth of the digital library and the use of Intermnet, the amourt of online text
information has increased rapidly. The need for efficient data management and retrieval
techniques has also become greater. An automatic text categorization system assigns text
documents to predefined categories. The system allows to reduce the manual labor for text
categorization. In order to classify text documents, the good features from the documents should
be selected and the documents are indexed with the features. In this paper, each steps of text
categorization and several tedniques used in eadch step are introduced
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