20024 127 ETIZEHGE £39%8 TER F48

M3 2002-39TE-4-6

W H7] 2438TE A48k ANFIS 7]8F 217 flo]ual 473

A2re] 37

(A Study on Fuzzy Wavelet Neural Network System
Based on ANFIS Applying Bell Type Fuzzy
Membership Function)

TEEY BFEHET, OXXUKFETT
(Oh-Sung Byun, Soo-Hyung Joe and Sung-Ryong Moon)
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Abstract

In this paper, it could improved on the arbitrary nonlinear function learning approximation which
have the wavelet neural network based on Adaptive Neuro-Fuzzy Inference System(ANFIS) and
the multi-resolution Analysis(MRA) of the wavelet transform. ANFIS structure is composed of a
bell type fuzzy membership function, and the wavelet neural network structure become composed
of the forward algorithm and the backpropagation neural network algorithm. This wavelet
composition has a single size, and it is used the backpropagation algorithm for learning of the
wavelet neural network based on ANFIS. It is confirmed to be improved the wavelet base number
decrease and the convergence speed performances of the wavelet neural network based on ANFIS
Model which is using the wavelet translation parameter learning and bell type membership function
of ANFIS than the conventional algorithm from 1 dimension and 2 dimension functions.
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