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Fig. 1. The reasons for failure of 198 NCEs compounds in
clinical development.

16

ANAks] Fe lolth dA dTEL F2 LC-MS/MS 53
Zu) BA Zu)|E o] &3} in vitro assayol B %
12007 Itk A8 So] Caco-2 HARE ol &3 AT
_:;s ol thefst ExE TYl cDNA EAZ Q13 thok
st §4E3} microsomes, hepatocytes & o] &3 AEES
4, ’97‘47—“]"] drug-drug L_Q-’gf& 2329e A% Il
°]°ﬂ 23t} o8 A ?—:_1131'5}5]0]: 7}—‘:- in vivo, in vitro ©|°ol€}

o1& 3}04 AFEE o] &3te dSRAL AL =,
0] 23 ES& BEEoA in silico ADME/ToxW} O 2 o)}
Eig=2 #3] Zgsigtoly o 4% 232 (High Throughput
Screening) el de] AREEHTEA o3t HFH dSEDS
ol 43te] thake] SAPekz(drug-like library) AA$Ho 24
AP e7| 2k A4S FAaA7| T Yok AL ol
Fupare @ oFsbA Table 17 72tk

o] ZoAE AR AlekHA AN FLAIH= PKEA &=
oA Ee)ststd erlelE(logP, B §3x, EAF, SR
)7 BT, AR J2]30 fARE oSl #e dnt

o

A9 AFE 2A%T Aol U FaA o2 27 o
23 2= 9] PreADMEZ 2 1% & A7)3} 24} g

=258t = nfefolg
ANFE R EAEL B384 metuHE A3 28E &
od, old 4AL IFEY Sz AEFF HAFEARE
AL, @A F3h, ok AEESH 4P ?‘}%"
o J8EE ﬁ'@'ﬁ«l £2]35H4 setu|eE PKEA
A & 5 e WY s FREAS AFH5 H‘E
Rl R '?3-"?} deltt. olzfst wenE F 7P dE 3R
AL octanol-watere] - ﬂ]"i Vel = logPolt} oA
Spee) 244 TE AAME UehiE, HERRE €38
i go] AHE L) oJZE A AT S¥Hgo] £}
g o) %7 o|F(passive transport)o] T2 ST AATA 0]
o2 ) logPE Aol obd AFEHRE AF3t
ClogP, AlogP98, KlogP, KOWWIN, ACDlogP

d

:ﬂ.j‘ii&

_Q_
=

.

i X

PHEL



In silico ADME % Pharmacokinetics 17

Table 1. Overview of approaches to ADMEJ3]

ADME property Experimental In silico
Formulation Caco-2 Prediction of polymorphism
Solubility Turbidometric, nephelometric, pH-metric QSAR and neural networks
Lipophilicity(logP/logD), liposomes, immobolized
Permeability artificial membranes(IAM), artificial membranes, Calculated logP
biosensors, filter-IAM
Absorption Caco-2, Madin-Darby canine kidney QSAR models, simulations
Bioavailability Animal PK QSAR models

Blood-brain barrier penetration

Bovine brain microvessel endothelial cell

QSAR models

Volume of distribution Animal PK logD model

Metabolism HT assays Database, protein models,
pharmacophore models, expert systems

Clearance Animal pK, in vitro Neural networks

Dose prediction Allometric

Physiologically-based pharmacokinetic
(PBPK) modeling
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Fig. 2. The reasons for failure of 198 NCEs compounds in
clinical development.
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