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Abstract

In this paper, we propose a pattern classification system for digital signal which is based on

neural networks. The proposed system consists of two models of neural network. The first part is
a wavelet neural network whose role is a feature extraction. For this part, we compare existing
models of wavelet networks and propose a new model for feature extraction. The other part is a
wavelet network for pattern classification. We modify the structure of previous wavelet network for
pattern classification and propose a learning method. The inputs of the pattern classification wavelet
network is connection weights, dilation and translation parameters in hidden nodes of feature
extraction network. And the output is a class of the signal which is input of feature extraction

network. The proposed system is applied to classification of EEG signal based on frequency.

Key Words : Wavelet Neural Network, Pattern Classification, EEG, Feature Extraction
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Table 3. Simulation Result of EEG Signal Classification.
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