§ Az $5E 9% YrEr|ds)
delelnields] 5 Wy 47

Interplay of Text Mining and Data Mining for
Classifying Web Contents
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Abstract Recently, unstructured random data such as website logs, texts and tables etc, have
been flooding in the internet. Among these unstructured data there are potentially very useful data
such as bulletin boards and e—mails that are used for customer services and the output from search
engines. Various text mining tools have been introduced to deal with those data. But most of them
lack accuracy compared to traditional data mining tools that deal with structured data. Hence, it
has been sought to find a way to apply data mining techniques to these text data. In this paper, we
propose a text mining system which can incooperate existing data mining methods. We use text
mining as a preprocessing tool to generate formatted data to be used as input to the data mining
system. The output of the data mining system is used as feedback data to the text mining to guide
further categorization. This feedback cycle can enhance the performance of the text mining in terms
of accuracy. We apply this method to categorize web sites containing adult contents as well as
illegal contents. The result shows improvements in categorization performance for previously
ambiguous data.
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