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FOV %2 9|5t Hopfield Network

Hopfield Network for Partitioning of Field of View

-
(Young-Youp Cha)

Abstract : An optimization approach is used to partition the field of view. A cost function is defined to represent the constraints on the
solution, which is then mapped onto a two-dimensional Hopfield neural network for minimization. Each neuron in the network re-
presents a possible match between a field of view and one or multiple objects. Partition is achieved by initializing each neuron that re-
presents a possible match and then allowing the network to settle down into a stable state. The network uses the initial inputs and the
compatibility measures between a field of view and one or multiple objects to find a stable state.
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Fig. 1. Flow chart of general visual mspectlon system.
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Fig. 3. Algorithm of sequential FOV generation.
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Fig. 5. The Hopfield network used to generate FOV.
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Fig. 9. Experimental FOV generation result.
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