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Abstract : Irregular reflected signals on a sea surface make clutters to a ship’s radar image. Clutters are similar to Gaussian white
noises which are very harmful for detecting objects at sea by a ship’s radar. To remove the clutter effects, many papers show the
algorithms by antenna, filters, and so on. This paper shows a new algorithm which uses Wavelet and Morphology median filter
conceps for removing clutter and enhancing image in order to detect well a distressed or being rescued ship in a rough weather
condition at sea.
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Fig. 1 1 dimensional Wavelet decomposition
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Fig. 7 Proposed MRA algorithm for ship’s radar image
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(a) original image(512x512) (b) 10 % clutter image (c)reconstruct LL+LH+HL+HH
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Fig. 8 Results of proposed MRA to radar clutter or gaussian noised image
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