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Recognition of Unconstrained Handwritten Digits

Using Raised Cosine RBF Neural Networks
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ABSTRACT

In this paper, we presented a new approach to the ition of unc i handwritten Is using an
improved RBF(Radial Basis Function) Neural Networks. The RBF Neural Networks used Raised Cosine as a
basis function to improve discrimination and reduce processing time. The performance of Raised Cosine RBF
Neural Networks classifier was evaluated using totally unconstrained handwritten numeral database of Concordia
University, Montreal, Canada, and the experimental results showed the recognition rate of 98.05%.
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