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712 A2 7EA7E ek 28U 27t dA He AL od Adde i3 o8
M7bold B2 H5E T FHoZHE dA "k £ wojA ¢ 4L 2E Y
o ESUAYLS T HEEN 289 U2 AEE Y= Ao HHY 4 9
o, 843 2347 gl Fo whe GEoJE WAL AR o] gs HEEL A
o ER AZY REL oln €43 e S A okF &x] Rae Aol
SAEL AFA HED B =RAAE oS F A BPe AR wol A A%
W3} 71&2] CHAID, CART, QUEST 5 &1 2 Zo) glojA 2zt e 25 gL ujwd
5}

FA[ol: ARD, &%, Wlo|A ¢t A4, stolHel= EHds

& 2E A4 2otk £ AR stale) 253
22 # 2A} £AS A4S, 279} Yo HE AR ® ®

B UEE ot &
AE S 5 ZUH ARELEH BojA gt SASE dojdr). 59 °ole
HEEL B EopollA &F4el tidel Hxu 9ok ol 4*4 ohe Yo

olB4 DT FEY A M £PE 5 Aok Ao A Y AL BE 1]R|9
of ot e} 7hsAdel de Sl 239 AEE FEREY gy = X3y
2 oln ¥ = HAE TAT A ofF] ¢ FE= Aol EAEL o =354
o HZ ARG G Bopll A AgAor SEFUA AR Yo %%5}915}.
ol# e A7 &4 dREL A A FAF o] YT FE A4 v EY 3 (multi-layer
perceptron network) 2} RBF | E$] H (radial basis function network)} 2+-& Au}sk v £ g
TR TE 20009 Asthetsl ARe o stel A7 9S(INHA-21072)
2(402-751) AHF QA 7 £¥E 253 A5t w TA & Las
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4(402-751) AW FAXN d7 LUF 253, Asthetw TA S} 2o

> .l]m -'I)l
S, o¥, o rft
N ol X flo o

-




12 BA+ . Hy4 . AT

A (feed forward network)E AH8-8tch o2 3t A AW JEHI BHol= KB} o]2H I
Aol dedithe 754 Ao A71A Stk dAR o B AR L AYS
S AERA EYIH o8 AAH YR g SA A HEAe] AAL o AF AT o]
E759l B3k A 2ot ,

B =RolME o#® F A 3 e Wl AL A8e ERuyw
CHAID, CART, QUESTS] T} 4712|232 AML 8 BRER YA B 888 Hla A7
s ch

A 23 o3 WA
2.1 o)t AFF

A7 =28 AB3 e oA (back-propagation) F-L A8 (feed forward) IEY 3
21 ¢ 3 th3 A A E 9] 3 (Rumelhart, Hinton, and Williams 1986a, 1986b) °}c}. o] 1
EIE Ay 487EY AT o9 2 MY Y SYEQ 22 A_E 1SR &
U F2 I oY E£YF fi(z)ES AT 9 TG o] 1719 &Y 22 7}
A AFHA VEINA EHHPEL I3} 2ol AArdr)

fk (IL') = by + Zvjkhj(x) ' (2.1)
i

hj (IZI) = tanh(a,j + Z ’U,ijil:i) (2.2)

AN uE i H1A JEDH2RE jHA 2HPA 2 ddH & 7SR o2 0|9}t §AVEHA,
vipE JHA 2HDAZRE kA 2YHAHR A4EHE /A5 A olth a5 b= LY
o} 24999 H(bias)Eolth ol S AEH HYEL YEHYI9 BLSoln)h A4

< UESHTE 2 FARYNA, Y 27t FARHE of B3 lS 4 0 AR B
Bl fr(z)0]l EEHUA 0 F ZE AFEEE 71 8k o] A3 3t Yo =
AR E o olef e} Zo] A} EYPHOR JojA)

p(ylz) :1;[ Jz_}% exp(—(fx(z) — v )?/204°) 23)
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K7\ 8 7b53 Fd2(cdass)F 3hHE 717l ol4hy gL WS HisE 2k BRER o
A}, ¥h-2-2t y+ Softmax 2 (Birdle 1989) 0 A1 9} Zo] K719 £8¥ U9 E 713 vE
A& sto] o8] a2l 2R FEL HY s AHEE 4 Yok

exp(fr(z))

> exp(fy (z)) (2.4)

ply = klz) =

13

AR oA A9 Bol e dH D9 20 BAH B Ry 2 74D F A E (training

data) (2, yW), .- (z,ym)ofl 71 28tod Ao{Ach AAT o] 7EAHL e
29 75X WY § FAARNA AAgT B 7] Jol AFY LX4E H43) 5
TE 2A%te Rolth T3 ARG stgolAe] wolxt ATAM 2R HE AL A
2E d¥o] FolA A, FHAEANA Y H ghS ol FolHE o N2 AR E (test
data)oll A&} WH-g-3kel St EZERXE R Aotk A2 APt 2(nt o] FojH L
2 yrtlo] g3l B EZ = W0l A ¢ FRA T} 2T o] RHAT)

p(y(n+1)lx(n+l)’ (x(l)vy(l))v STy (x(n)’ y(n)))
= / p(y™ |z, 6)p(6) (=), y M), -, (2, y™))do (2.5)

A7M o= MEAZAA Y RE ASHY BYE L VEHT R4olnh JERol
He ¥ 2y HA 971 WEe] 62 AT e 2o

L(8) (=M, y Wy, - .-, (2(™) (™)) = ﬁp(y(i),z(i)’g) (2.6)
i=1
qY, 20} NEYT LTt ol AL of 933, yP Y E¥E I ARY I softmax B S
BEYoA (23), 242 Fo1F AAY AHEE vEH IS RYYe)o o3 F Ak AF
23 EABHE ARl YL 5B W AbY F2 UL AZEEY FFL 33
st Aolck ARl AL ohest 2 2HXE BwEo| Wrh

30 = [ e, 0p01a, 50, (o, y )8 (27)

2.2 3dlojrdr Rz gdygES

stolH el EH{ZE ¢i#F (Duane, Kennedy, Pendleton, and Roweth ,1987) -& W]
EREYA ¢SS 98 24 V2% REFSYH S A2FF Aolth o] 3T
ol RE|ZE duEEY At ofd 5S4 RX2EE YA = S8 0) Hu
283 FEE AT g2 o8 Y i FHAEN AEE £ Utk S do
At g FHART FAR NEHEEZZHY REE 88+ ol (2.7
Ao}t 2ol AAARANA AEFE st 28 7[Hgg FHdE= Aol

StolB s BHZAR ¢ugES FELSY vER) A4S & s FEEXTERE
HEFESE 202 BEAY ol Mo AEEEE= oUX] g2 4 Fo Hot BeF N
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9 84 g8 }J%l_ 9 X ¥ 4> (position variable) ¢&] o & -‘E‘—EETE] REFE3T 7}
AL ™ FEEEE oS3 2ol Fdnh (B =RM ¢S MEYAY 247 9ok
P(q) x exp(~E(q)), 91714 E(q)x= 1A F4oitt. (2.8)

A A9 NIRRT E(g) The 2ol OA EFFch
E(q) = —log P(q) —log Z,d 714 Z+& A3} Aol (2.9)

AREYYE AL A N 84 p2 FAHH g9 74249} U2 BgH
EEFHF ‘?‘;—T—(momentun variable) p7} Y 88t} ¢9 pE TR Al Z oA AR
= Zol Ao dr.

P(g,p) x exp(—H(g,p)) (2.10)

ol SAEUVG A H(g,p)= E(g) + K(p)2 F4H T AANAE yehdoh K (p)&
T30l e &5 NIRAZHN 3 2ol Add).

= z_: % (2.11)

A7l m; £ Z 8450 #E49 ARFES Lo A5 g AL Fol7] _,,]aﬂ
A o5 Ange 230 Basith (21009 RO %} p= EHoH ¢o) FHRE
(2.8)3%F S L3ttt =, g%} poll sl @%%Ei $Eote ntTZ A AL Hos ¥, po g}
€ FAReEZA T ¢ 71U £35S T 5 Uk (2.10)149 THF AA A
A2 RE BEAEE PUE A A2 ro] B} g Aol S eel Aol WA o
t ALEUS 5ol A FojR.

de _ OH _pi

dr 6p,~ a m;
dp; _ 9H _ OE

dr ~—6q,- Bq,
ol e A%H AUEYL 8 o] AYo Y2 ZAA = YL leapfrog A o]
2} 3= o] 23 leapfrog AL Al7F 7oA e] 49} pRRE AH Y] 29 7+ eo] A
(1 + ) p(r + O TAK I AFH = shte] BASE AL 5 9ok
OF
Bi(r+2) =pi(r) - S5 5, )

pi(7'+ 5)
m;
pilr +€) =pi(r + ;) ;gE(q(T+e))
o] # 3t leapfrog 2 ¥ o] A& H 39| H(q,p)o 2 45U AUEYQ A2d T D ¢}
E goz vd £t dth o3 o] K= f 9} 22 YR 5] i BHEE FH XA

Gi(r+€) =g;i(1) + ¢
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o] 88 EFEA

T AAA A LA4E LAAZA AR o] HE AAAA 3= vlER 2 FuYES
A8 8t AAE 5 Uk F, ol 2 F Aol A =&E el Ao AR H(q,p) %k
o] W3lo] 7|23t HEZZL X ¢uFE AHES A A1 ARE dH AT 9
%, q5te] o]F o] FEIA TSP H(g,p)oll Al ¥she 24 00] Ho] ool A4
dle 34 AGsA Aot e g5 olF o] YA FEHA FHCHE H(q,p)ol 3
HatAl @ Aola amY o] 4R FEE 71F4H ] ojd Fu2 HEA A} o
e 7142 FARS 7 oo 24D AARYD LA4E AA}E TS o

2.3 sto|nsielulel & LG wel At AP

Wol X ¢t A AL QP o2 RE £ R AMNHE F4E f(z,0)0] I3 FdF v
EQA R4 IR RHHE VM) HAYER FAALL ol E VEYI B4 EY AAEE
2 ol w stetulE 19 ghol et P Tk & R4 AASFREL p9|y)S 2ol B
x5, stol s wtetu| g AA Y AFFEL p(y)olth B M2 54E JHgERE 74
% %%Z}-‘E‘- (g;(l)’y(l))’---’(x("),y(n))oﬂ/\-] -8]'01"&]3}‘3}“].5] p(’Y)% A}-%’@‘]; ‘ﬂ'%%l'g] &Z‘l
REZE EY5 Y o) ARLRE & ZAREEE pyls,6,7)% 2ol BEAT. o
o] HFERE FHAASNAY ARE o] f3to A2 Y z(ntho] FojZ L m A2
< AAAEN T B33yt g G EstEs Rojth ojHE AEL FHAE A A
AGEF 7He 3 Foll vlaste 09 vo AAZZEE T 7|28 O3} Zo] Ao
Atk

n
p(0, 7™,y M), -+, @™, y™)) o p(1)p(@Oly) [ ] o122, 6,7) (2.12)

c=1

o uf &gy REE 99 AFFELE thste] T 2o] AR AL 4

p(y™ D (1) My (g (M)
= / ™z, 6, 7)p@B,4|(zM,y D), -, (™, y))dbdy  (2.13)
AR NN 7|PAFLAE HASA T = AL ol S E X FFo|t) vhef, uhg
Y 2AREZVMVESANZ SEF A3 7S 7MIAEE FYgFaod HF o F
< o2 2

G = / £, 6)p(8, 712D,y D), -, (2™, y™))dhdy (2.14)
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wlo| A A A G = AEGERE] BFY2 R o] 2T A& o] G A 47| w-# o Markov

Chain Monte Carlo(¢] Zo= MCMC=E £&)943 & A3ttt MCMCHH ol A & AHE-3
EEE #F T iz FEHE Aste A% 2L AES AT HEZERREH 2
BE32% 35 B33 3 2AE 5 At o|H T AZFEREZRE REZEE}
HY & d 2AREZERY SEFEE o] AMA E7H3H] W& g o
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NEF YIS ALE 5 91, 712 el ez ngEL 7H5aAw gor
o] FAFH o] LAY = A2 22, Stochastic dynamics Y& R4 StojHel= By
2 g ARS 3. ' '

2.4 solFstetulelsl EPam S A

Wl AAFEYol: VEYS B4 ALAGEEEY 5 AR Y| A noise level &
A st F FFY stoldzevE gl EA%TE AR ol wBEtulEEL2 AHA A 4]
of 7123 2y A B 5T 2FNA ZE el g 2EEAXE 253
th FRAAHLE BT IFAAY 09 FARLIHAE EFE w, -, S AR E9ol1
Hgol 0, ELHA 0, AFEREE GECL 7HH T o, o|HE EEHAE 7, = 022
2 BH & HE(precision)E EHHT, 1 AFoNHY ZEo] U BEEL 02 2
t}. ,

p(ug, -, uplmy) = (27) ¥/ 2782 exp(~7, Zuf/2) (2.15)

ol ff A% 1, FFol wpol A (shape) B4t 0, F R AVHEEZE 2HH Y, O
o FEUEFFE A3 2ok 9714 & ol stetnlE yo] T4 40l

(o /2wy) /2 /21

T

p(ry) = T(aw/2) exp(—Tu O /2wy, (2.16)

uy, o, upd) Bl FOIRE o AR EZE (2.15)9) (216)9) Foll vl st O
T} Zro] o ¥R RIACE

p(Tulul, T :uk)
o 782 egp(— Ty 0y /2w, TE Rexp(~T, z u? /2)
i

o T2 egp(— 1y, (o fwu + Y ul)/2)) (2.17)

1

QAo ZARBERA r,9 Fre T B4, stolwetulH, ¥eRET =Po Pa
MEYoz RAATH

Zbe] shol ¥ vlebuE] S % o]} Ul AR E kA WSt BAW BY o xjo] &

A7t 0xd AFEEE BECL AAY 0 0BT BEEAE 7 =0, 22 AR E

T2 2859, ol m gk zM, .. aM EYSARS ), BY 229 AR 17} Fo
Ao o Hpel FEREE ke go| EAATH
p, -y M, -2, 6,7)

= @m) 21 Peap(=r (0" — fu(2(),6))2/2) (2.18)



E% 299 AE 1,9 ANEEE T 2o BT vl YHRS oF 2L PubREE
@59 ofel g} Atk

/2
p(Tx) = (aI{(%};) o/

T8, 7ol WY AFLEE 23} 2ol PiEEE BAD,

exp(—Tr0/2w) (2.19)

p(rk|(x<1>,y<l>) - (@,4™),6)
oM g (— 1 (o) w) +Z(y(c) fr (1, 0))%/2) (2.20)

AAEZERE AAE ol 53 HE vtZE AL o)A A9} o] do]H mtetulEH &
of ‘lﬂf’} ZJAQ}] A}V ENZ B4 e slolHels BHZE By ZUE Ay
3to] @& 4 YUth ol#E FtolHEE RHZR UYL VEYLI 2409 F49 R
= 599 AFAFEEZ A TRREHE ALTA S Solsa= BAYE A
T stolH o HES T, o] if (2.12)& A SN &3} 2o BHA
oh

E(8) = F(v) —log P(8]y) - Y _log P(y?|2(?,8,) (2.21)
c=1
exp(~E(@)°] WA olgh e oA Bie) AZREE SholsHuE 47 Fol A
< o g0l 3 AFEEEEE AU F, A ANUXTeE solHulggn g E o] bt
Hol we} Asl Aok oA B AFRBRE AL ol S N vz AL 7} 4
E7H $4E @A F A3, 49 BHZE Yo JYEE £0] == leapfrog 0|43}
Ao dAL] 37 3} GALY = LE Ao

2.5 Automatic Relevance Determination(ARD) 23

W o] 2] ¢ Al B ol A a1 of 3t = ThE BA = W-&-Fh(target)o] EEXE 2T A
2o AL 4Y HeE AFolth B2 EA A ?J"‘%E‘i-’?—‘é F7HA AT oA &5

F5HE FINE + UAE A 22 5 /M5 EA 50 e 5 Ut AR F2 & r—:]
AzoA Bl g dY Wasol AAR FHo| Y fﬂ*EEE}C o #dol =
AY S 25 A H7 A2 FH o g2 98 A4S 27 A= AL é%oﬂ
€ 288 AES,YP5HE A Aok bebA bR Bl Q& Holgtn A4 E 4
He g A sof & Aotk AW 227} &3t 3t BRE A4 rﬁt‘& 43l o
3 Qlol= A oAm e £ 5ol AAZE Feo] Yt it FAlo] & 4 gtk 18
22 #AEgo] ¢HAA gL dgisTt ol X AA] Yt 7HE x}iaii #73st
=F 3t ol Ba3HA H ok

ARDR ¥ 2 u%% dY WE T ol¥ "7t ¥-3 gh(target) T Aol Y=AE AF
Aoz AAINEE 37| 93 Mackay(1994a, 1995b)2} Neal(1994) o] o3 7= it 2
el Rd gl A= | Fa—ﬂr AdZHE 717 2 A FHE stolHutelulEof oF 2
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A e EXE M= otk 232 2H 7 199 Bl Ao RgeE olH T
ol¥stetulel E2] Foll Wt AFHLR AAHEE = oot B& JPUSLEL
3 EA A & Ay HFEo] FH D stolsgtuHES g AAAFRE AR & A

S5 AHER 287 Ao Ty B, ol 5 APiSd s e AAGE
Ze StolHvetu 7t ASdrtd 1 W e} A4 M AEL W AA 2
Zold, vl & 1 Wl PRSI Bl Y& Wty eizts 1 g9 NFXEY @&
ol U7 FotA W Ax7l FolAT i &l Yt ALR AF £ ¢l7] ook
Iz 4 gYdS stolF e g ds AE T8 AAHFRE 2 AASES
HEA717] Hohe AA ARA dHAFES FF33E (F, A FHRARAA T4 ¢
HH+E2 HF20, EEUAE 12 T =Ex) B (Quinlan , 1993)9 23 2zt 91 M4 E
oldel W7t e 4y AT EF TTT IY¥HYE A=S AP F 5 BF 2L
AAGELS AR BE JEASEo HE 35 AADA stolsntevE E AF 5
3, 2 AADA sl utetui ol s dAF = AAFEY FHoE v A @
o2 &9 2A stolH v HES AR e 2dA 9 Stolvgetn e E AMS- st

o X i O
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A3E RgAIER Y HE

2o Yol AHEE AEE B EREHARE ALHE AERA AHUS S 53]
o @2 F5F 7 ARSIt} o|H T AR £ Wt ARD YL o] wle]A ¢t
A%z B35 ¢38E9 CHAID, CART, QUESTS] B EoA 4o 2 HESS H
AF AT AFEE W o] A ¢ A FH2 Neald =299 Software for Flexible Bayesian
Modeling 19, W]z d 798 27 ¢ 8 &< CHAID, CART, QUESTS] ¥y &2 SPSSA}
o] AnswerTree 2.0 AH8-3to] 4331} o] Wl & A}5.9] A|=(SEED)E HHPo] 7HE A
% 203 8] HEAY S T

3.1 3WAY DATA(Z A&4 10007)

A549 - 409 JEHS (21,22,23,24)F 7HAW BF dGFEE 0,104 949 &
sict. old] A (21,22)3F A (0.4,0.5)At0]9] A7 035Kt oW BERFAd 0oz 73l
o} =3 th29] AAFA 0.8 x 21+ 1.8 x 229 Fto] 06T ol ER AT 18 EE3it)
o F 7HA] S BT UFHAFA REd ERJYG 28 EHICE o] o Y4 239
4= BEFol 48 FA gt :
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CHAD | CART | QUEST | BAN R¥REHDE

T T 01 | 008 | 0w | 0063 S ——

2 | 00691 | 00%2 | 00107 | 00113 o 57 ] EEOR | EAN T AW
0104 0054 0032 0274

3 1 008 | 0075 | 0051 | 0.0050 o ool Il Eoscd

4 0.0872 0.1141 0,093 0.0111 CHAD '0752 .01 58 .0554 ‘1 154

E | 0073 | 00/ | 001 | 0.0 aest | mol al sl T

6 | 0068 | 0063 | 0.0 | 00086 ' ' ‘ :

7 [ 001 | 008 | 01113 | 005

s | 0078 | 0007 | 00884 | 0,009

9 | oo | o000 | 0ma | 0013 || o

0 | 007e | 0027 | 00911 | 0.028

W | 0.0 | 00607 | 0079 | 0,000

| 0.5 | 0065 | 0068 | 0.0

B | 0.6/ | 00727 | 0065 | 0.0182

W [ 0075 | 01065 ] 0.08% | 00081

B | 00T | 00ih | 0.063 | 00007

% | 0072 | 0086 | 0.082 | 0.0067

7 | 0.0 | 0049 | 0085 | 00083

18 | 00797 | 00815 | 0068 | 00065

19 | 0.066] | 0089 | 00720 | 0,008

0 | 0.1254 | 00805 | 0078 | 00008

aY 31: BREAAER

(2% 3-1]9] LERE ERIAFEFAA S 2ol 5208 THEAH
ol ¢t A1 FH(BNN) o] LEFE AJLr], BF AA 2EFE

Lo
o
M o
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LEFE HIABAE 001049 LEFER 7 BEE FYPL

m(o
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3.2 IRIS DATA(Z A& 1507))

AEAMY - REY EAXA B AREAN 479 JHHdSF (21,22,28,24)F 74T
Y EL7E He 2R Zo] (z1), BRI Yol (22), 2Y Dol (23), ZY Yol
(z4)ol]l et BE FHE sectosa(EF D 0), versicolor(EFH & 1),verginica(R T &
)9 Al Jdew EFYUCH

Hl2%

su
e

CHAID CART QUEST BNN | . ef

0.0294 0.0294 0.0294 0.0141

018% | 00500 | 00500 | 00500
0083 | 00067 | 0083 | 0000 || ¥ _
00149 | o048 | 00000 | o019 ||%® :
10 00938 | 0.06% | 0071 0.06% | |8 T

1| 0088 | 007% | 007 | 00688 L mE Ty, p e
2 | 0071 | 006% | 00310 | 00300 = e
3| 0060 | 00617 | 00577 | 002 o ol o Bl B
é g gzg g g&f g g%g g gggg CHAID 0845 0408 0148 1833
5 : . - QUEST 0448 0228 0000 0820
7
8
9

|11 | 0082 | 00617 | 00517 | oom2 ||
2 | 0042 | 0065 | 00B4 | 00308 || 012

13 | 0072 | 001 | 00%1 | 0015 || 0 F

W | 00%4 | 0065 | 00656 | 0049 || 008

5 0.0%2 0.07%4 0.0317 0.0317 0.0 “
16 0.0615 0.0154 0,0308 00154 0.04 ;

i 0. 1667 0.0741 0.0741 0.0741 0.02 ‘V‘\‘“ ¥ A"(‘
18 0.0508 0.0508 0.0169 0.0000 0

19 | 0006 | 00641 | 00541 | 00000 I A AN
20 | 0134 | 0066 | 0033 | 00606

29 32: Reddsw

(2¥ 3-2]°] EFRZASHAA S} Zo] F203] WHEAYY BE F oA w0 A<} Al
Z%(BNN) W 2E8Fgo] &4 JehA & %A, A _e-a%%A 7L v
3 o BB Ul R A 0.03479) LB %E vl 3 A —‘?—%3 g0 = AUttt

3.3 CREDIT DATA(F As4 32370)

Aed¥ - 242 AgAZo BT ABRA 474 JHAS (21,22,23,24)F 7HA Tk
L7 HE Y (21 - 1.2.345.), F9YE (22 - 1.2.), Yo| (23 ~ 1. [< 25)2.[25 —
35]3.135 <]), oFHLFIELA AR (24 - 1.2.)0] w2} 7fAS) ALARE EFTF(ERA
20), LFEF(ERIC L) A F L2 ERAG
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CHAD | CART | QUEST BN 2EREHLE
1 0.1118 0.1119 0. 1194 0.0970 ) FEI T, EER
2 0.1261 0,1261 0,1261 0.0924 TN T30 3306 T T
S | 012 | 0146 | 0182 | 01371 CART e | oom | tom| e
4 | 01862 | 0182 | 0182 | 016% CHAD ves | w3 | tom | 0%
5 01858 | 01327 | 0205 | 01180 uesT | om0z | om0 ae1 | o
8 0.1608 0.2188 0,2168 0.1838
1 0.1194 0,114 0.1269 0.1269
8 01269 0.1269 0,169 0 1340 0.25 ¢
9 0.13% 0.1183 0.13% 0.1473
10 0181 0.1181 0,181 01102
11 0, 1508 0.1503 01746 0,1349
12 0.1504 0.1363 01504 0, 1504
13 0.2030 0.2030 0.2030 0, 1504
14 0,1221 0,122 01374 0114
) 01838 0,188 0,2038 02168
16 0.1367 0,1367 01439 0.12% 0.05
17 01391 0.1391 01652 01478
18 0.1628 0.1628 0,180 0,1628 0
19 01214 0.1143 01857 0.1214 O T T S N
20 0.1071 0,1071 0,1286 0.1214

Y 3-3: B4Ry

(1% 3-3]9 EFZAA=RNAML Zo] 5203 AP BE F A o]t A A
F(BNN)EH 9 e 2f-&ol A et & Ao, A4 2580 JFLund &
TFE HEENA 013959 LERFEE F4T Ao|A W Hay BFE FPLL ¢ 5

ATt

o

3.4 DIGIT DATA(% A8% 2007))

ARG -G AAALT 2R oA AR RAM A AR WS (21,22, 23,24, 25, 26, 27) S
7FA v 20— 99 10709 Aoz BFH



22 $AS - 4% A

CHAD | CART | QUEST BN 2IREHLY
T [ 06% | 0299 | 0289 | 03108 | T T
2 | 0A4ll0 | 2% | 04110 | 0.4 B T ITETR I BT
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A Classification Analysis
using Bayesian Neural Network

Jinsoo Hwang® - SeongYong Choi® - HongSuk Jun’

Abstract

There are several algorithms for classification in modeling relations, patterns, and
rules which exist in data. We learn to classify objects on the basis of instances presented
to us, not by being given a set of classification rules. The Bayesian learning uses
the probability distribution to express our knowledge about unknown parameters and
update our knowledge by the law of probability as the evidence gathered from data.
Also, the neural network models are designed for predicting an unknown category or
quantity on the basis of known attributes by training. In this paper, we compare the
misclassification error rates of Bayesian Neural Network method with those of other
classification algorithms, CHAID, CART, and QUEST using several data sets.

Key Words and Phrases: ARD, Classification, Bayesian Neural Network, Hybrid Monte
Carlo
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