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Characteristics of Asphalt Pavement Images and Enhanced Algorithm for Noise
Reduction

.
N

Kim, Jung Yong - Cho, Yoon Ho

Abstract

Paverment distresses are one of the most important data for pavement management systerrs. Inspection
machines and its related programs have been used for operating tools in PMS developed in advanced countries.
In Korea, imported machines and programs for the high price are utilized to get information of pavement
condition from the field. This study is launched for developing the program which can detect cracks on asphalt
pavemment due to many drawbacks In current PMS operation such as improper maintenance work and long
resting period when it was broken. The focus of this study is to define principles to analyze pavement surface
with digital image processing techniques, to test property of pavement images and to suggest an algorithm that
reduces noises at best. To test images, the camera attached on the Automatic Road Analyser(ARAN) was
used. Through the FFT images. histogram and statistical values of pavement images, it was found that the
images had many noises with high-frequency components against general images, and it was difficult to
subdivide pavement images into background or crack. Through several testing with various filters for noise
reduction, a 3x3 median filter was suggested to reduce noises effectively

Keywords : crack, pavement management system. image processing, median filter
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