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ABSTRACT

In this paper, in order to reduce the computational complexity of codebook, we propose a fast search
algorithm which takes advantage of the information generated in the process of the self-organizing map
(SOM). In an attempt to demonstrate the influence of the ordering of codebook on the performance of the
partial distance search (PDS), we present the results of computation savings for three cases of ordering of

codebooks.
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H = s 24 A 2k (sec) SNR(dB)

#2A4 271 SOM | LBG | SOM | LBG
64 4324 | 2340 | 2619 | 2796
128 6023 | 4381 | 2740 | 2839
256 12075 | 684.1 | 2860 | 2959
512 23880 | 14466 | 2989 | 31.47
1024 50680 | 27780 | 3232 | 3386
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