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Abstract

This paper suggests new method to get fixed size parameter from different length of voice
signals. The efficiency of speech recognizer is determined by how to compare the similarity(distance
of each pattern) of the parameter from voice signal. But the variation of voice signal and the
difference of speech speed make it difficult to extract the fixed size parameter from the voice signal.
The method suggested in this paper is to normalize the parameter at fixed size by using the 2
dimension DCT(Discrete Cosine Transform) after representing the parameter by spectrogram. To
prove validity of the suggested method, parameter extracted from 32 auditory filter-bank(it
estimates auditory nerve firing probabilities) is used for the input of neural network after being
processed by 2 dimension DCT. And to compare with conventional methods, we used one of
convetional mehhods which solve time alignment problem. The result shows more efficient
performance and faster recognition speed in the speaker dependent and independent isolated word
recognition than conventional method.
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Table 1. Recognition rate of speaker
dependent isolated words.
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