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Abstract This paper proposes a patten classification method of interval vectors by interval neural
networks. The proposed method can be applied to pattern classification where attribute values of each
sample are given as interval numbers. First, an architecture of interval neural networks is proposed for
dealing with interval input vectors. Next, a learning algorithm is derived from the cost function. a cost
function is defined using the interval output from the interval neural network and the corresponding
target output. Last, using numerical examples, the proposed approach is illustrated and compared with

other approach based on the standard back-propagation neural networks.
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