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A Method for Generating Large-Interval Itemset
using Locality of Data

Won-Hwan Park’ and Doo-Soon Park'"

ABSTRACT

Recently, there is growing attention on the researches of inducing association rules from large volume
of database. One of them is the method that can be applied to quantitative attribute data. This paper
presents a new method for generating large-interval itemsets, which uses locality for partitioning the
range of data. This method can minimize the loss of data-inherent characteristics by generating denser
large-interval items than other methods. Performance evaluation results show that our new approach
1s more efficient than previously proposed techniques.
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C. = subset(Cy, ©
forall candidates ¢ € C. do
c.count++
end
1y = { c& Ck | ccount = Sy }
end
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q.itemg-2. p.itemy-i < q.itemy-p s

2) Prune @7
forall itemset ¢ € Cx do
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FL=¢

for (k=1 ; Lg¥ ¢, k++) do begin
Max_Ilq = MAX(f(lg), (not tagged, 1<i<n)
flx merge lq; ;

CALL Gen_Fp

FL = U fi// Answer
Max_Ilq = 0
// if sum of lqs between tagged < Smin
then not large quantitative itemsets
lgi = used tag (1<i<n)// not large
end

i

I3 6. Mg plwE=dy dnglE

Ao g ¥715F Aojut.
A3t Gen-FLgt
Azgd g7

a3 6, 7 02§ AxE
29 68 A5 BYFUE
ol 2 gk Mgt 28 79X e

) AT B BAE U D AU, AA EE
olm) Abg-g Foie) T AA el



tio
N
FN
lo
il
b
o

AE(Snn)E BEG H7HR)
ﬂdr@ﬂﬁT@dqﬂ
A4 of ol whe} 474 A5

B oo
o?,'_,_{z
o —°
T o
[

228

o

EDT

oo N
:H_“—v-'

zzjo_‘“"’

i oE’._'

=
2
i
i
i

©

S
rlO rE
T

oy
P

0]
4+ 2
Be ™o o

L og o ok

2

o §AE T BRo] T 44
2 BTt Holy A7 AL e

2L 9o

nON o Moip M@

3
Lo
-

4y 0 oo e
p ook

. i
L
L
i 2
o2, >
ox 1o
_kﬂ =
mrow

Function Gen_F,
for (j=1; Max_lg = Smin, j*+) do begin
case 1 ! Iq_tij, and lgq_ti.; are not tagged

if (f{qi-p+fUgii)) < (Smin-Max_lg)
then Max_lq = Max_lq + flqi;) +f(qi-);
flx merge Ilqi-j, lqi-j 5 lq_ti-j, {g_ti+; = tag
else if (f(lqg-j) <f(lqj) and
(Senin~ Max_lq) = f(lq‘,))
then Max_Ilq = Max_lq + fllqi j);
flx merge a5 lg_ti; = tag
else Max_Ilq = Max_lq + flqi.j)
fix merge laiw;; lo_tiy = tag

endif
endif

case 2 | Ilq_ti-j is not tagged,iq_ti-; tagged
Max_Ilq = Max_lq + flqi-i) ;
flx merge lqi-jig_ti-; = tag

case 3 : Iq_ti-; is tagged,/q_ti,; not tagged
Max_Ilq = Max_Ilqg + fUq)
flx merge lqi+j» lq_ti-; = tag

case 4 ! lq_ti; andlg_ti-is tagged
return// fl is not large

end
Return
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