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Abstract In this paper, a new method of feature extraction ol major objects o represent an image
using Vector Quantization(VQ) is proposed. The principal features of the image, which are used in a
content-hased imuge retrieval system, are color, texturc, shape and spatial positions of objects. The
representative color and texture features are extracted [rorn the given image using VQ(Vector
Quantization) clustering algorithm with a general feature extracrion method ol color and texture. Since
these are used [or content-based image retrieval and searched by objects, it is possible to search and
retrieve some desirable images regardless of the position, rotation and size of objects. The
experimental results show that the representative feature exrraction tme is much reduced by using
VQ, and the highest retrieval rate is given as the weighted values of color and texture are set to 0.5
and 0.5, respectively, and the proposed method provides up to 90% precision and recall rate for 'person’
query images.
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