t

ot
10

StE A AR ZE2HM TS 018 =% DAY SHAHZ 573

[
]

e 2% ZEAd BHAL o §3
g 139 Fe 26

(=] =

of B F'ou o uy"

2 ¢

el Ayl dlelE Hhe nabd dlele] 4o gl olete] dwdt ool F5E TR adH e zAY Fel2eYo olH
£ H@ch CLIPE o9 21& 23y dojgel 54& Hdshs Faiand greFoz ALt CLIPS 149 A¥d =2448 333
o2 Hgao], 4 LAY FHA Lo 13l Fe2EEe FUEL ek °l AL S2EE 2HT & oS FE ¥YE + o
th & =RdMe Ee2EHE 2fete #ARE FAEe $3d CLIP 428EE At ofn] CLIPoA 22 F3 gl ¥E3q 2419 =
248 Hgste Sej=tie] 24y FI& AACCL HAR 2reE é‘-- Hrkabrl A A vloleis ol &% Y Y Fly
AE¥AdE FEIY

Extended High Dimensional Clustering using
Iterative Two Dimensional Projection Filtering

Hye-Myung Lee' - Young-Bae Park''

ABSTRACT

The large amounts of high dimensional data contains a significant ameunt of noises by its own sparsity, which adds difficulties in high
dimensional clustering. The CLIP is developed as a clustering algorithm to support characteristics of the high dimensional data. The CLIP is
based on the incremental one dimensional projection on each axis and find product sets of one dimensional clusters. These product sets contain
not only all high dimensional clusters but also they may contain neises. In this paper, we propose extended CLIP algorithm which refines the
product sets that contain clusters, We remove high dimensional noises by applying two dimensional projections iteratively on the already found
product sets by CLIP. To evaluate the performance of extended algorithm, we demonstrate its cffectiveness through a series of experiments
on synthetic data sets.

1= : 2RA 2 high dimensional clustering), 2418 T2 M (two-dimensional projectien}, &8 HEE (noise filtering)
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