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Automatic segmentation of non-rigid object in image sequences
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ABSTRACT

This paper presents automatic segmentation algorithm of non-rigid object in image sequences. Non-rigid object
is deformable object with fuzzy, blurred and indefinite boundary. To segment this object, we have to use the
new segmentation algorithm different from conventional segmentation algorithms. In this paper, we present
automatic segmentation algorithm to apply to non-rigid object like smoke. The procedure toward complete
segmentation consists of three steps: spatial segmentation, temporal segmentation, and fusion of spatial and
temporal segmentation. Spatial scgmentation segments current frame using markov random field modeling.
Temporal segmentation segments moving region using velocity vector between sequential frames. Then, non-rigid
object is segmented by fusion of spatial and temporal segmentation. Experimental results demonstrate the
efficiency of the presented method.
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. Overview of proposed algorithm
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V. Temporal segmentation
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