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ABSTRACT

One of the most important matters in designing network and realizing service, is to grip on the traffic characteristics. However, we used
the models which based on the Poisson or Markovian such as conventional traffic prediction and analysis. Hecently, experimental research on
the LAN, WAN and VBR traffic propertics have been pointed ont that they weren't able to display actual real traffic specificities because the
models which based on the Poisson assumption had been underestimated the long range dependency of nctwork traffic and self-similar
peculiarities. Therefore, it has becen lately presented that the new approach method using self-similarity characteristics as similar as the real
tralfic models. In this paper, we are going to discuss the definition of self-similarity traffic. Moreover, we collected the real traffics and applied
to the queve on the ATM switch after compared artificial self-similarity traffics with the traffics which were applied Poisson model. So, we
estimated the probability of buffer overflows on the low-bound and the cell losses in the case of appling the self-similarity traffic to the queue
on the ATM swiich.

FIAC : ATM ARIXI(ATM switch), RIZIFAIA(Self-similarity), ESHD(Traffic), EHY H5R4(Traffic analysis)
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