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Noise—-free Distributions Comparison of Bayesian Wavelet
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Abstract

Wavelet thresholding is a method for the reduction of noise in image. Wavelet
coefficients of image are correlated in local characterization. These correlations also
appear in the original pixel representation of the image, and they do not follow from
the characterizations of the wavelet transform. In this paper, we compare noise-free
distributions of Bayes approach to improve the classical threshold algorithm.
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