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Abstract In this paper, we propose a method to extract attribute information of individual words
in machine-printed document images. The recognition of the word-level attributes helps in improving
the accuracy and speed of the word image matching, the OCR performance, and the reproduction of
the document. It is also useful in retrieving document image and creating summary, by an extraction
of some meta—information from printed documents. The attributes of word images considered in the |
proposed system are language(Korean, English), style(bold, italic, regular, underline), size(10, 12, 14 .
, English: 4, 5, 6, 7, 8, 9, 10), and typeface(Myung-jo,
Gothic). Two features are used for the language classification, three for the style, one for the size, one
for the number of characters, one for the Korean typeface, and two for the English typeface .
classification, respectively. The classifiers are constructed hierarchically using the neural network,

points), the number of characters(Korean: 2, 3, 4, 5

quadratic discriminant function, and linear discriminant function. An experiment using 26,400 word
images combining the five attributes demonstrates how the proposed method shows high performance
of attribute recognition with only a small number of features.
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