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Abstract
This paper proposes a new design method for the GBAM (general bidirectional associative memory) model. Based on

it is shown that the design of the GBAM-based bidirectional

associative memeories can be formulated as optimization problems called GEVPs (generalized eigenvalue problems).
Since the GEVPs arising in the procedure can be efficiently solved within a given tolerance by the recently developed
interior point methods, the design procedure established In this paper is very useful in practice. The applicability of
the proposed design procedure is demonstrated by simple design examples considered in related studies.
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