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Abstract

This paper reviews thrce methods to compute a pointwise confidence interval of neuro-fuzzy models and comparcs
their estimation performance through simulations. The compuiation methods under consideration include stacked
generalization using cross—validation, predictive error bar in regressive models, and local reliability measure for the
networks employing a local representalion scheme. These methods implemented on the neuro-fuzzy models are applied
to the problems of simple function approximation and chactic time senes prediction. The results of reliability
estimation are compared both quantitatively and qualitatively.

Key Words : pointwise confidence interval, stacked generalization, predictive error bar, local reliability measure,
neuro-fuzzy models.
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