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Abstract : This paper proposes a region segmenting method for the Pap-smear image. The proposed method uses a pixel
classifier based on neural network, which consists of four stages ! preprocessing, feature extraction, region segmentation and
postprocessing.

In the preprocessing stage, brightness value is normalized by histogram stretching. In the feature extraction stage, total 36
features are extracted from 3%3 or 5X5 window. In the region segmentation stage. cach pixel which is associated with 36
features, is classified into 3 groups ' nucleus. cytoplasm and background. The backpropagation network is used for classi-
fication. In the postprocessing stage. the pixels, which have been rejected by the above classifier, are re-classified by the
relaxation algorithm.

It has been shown experimentally that the proposed method finds the nucleus region accuratlely and it can find the cytoplasm
region too.

Key words : Pap-smear image(*F& 7% AE3 94). region segmentation(84 ¥&), neural networks(dE #HE), classification-
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Fig. 2. Histograms : (a) before stretching and {b) after stretching
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Table 1. Entropy value of each features for 3x3 and 5XE5 windows
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