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Abstract : This paper proposes the new method based on fuzzy logic which recognizes between normal, and abnormal(twe
types of abnormal : follicular neoplastic, and papillary necoplastic) of thyroid gland cells from pre-obtained 16 feature
parameters of image data. This paper applies the genetic algorithms to obtain the dominant feature parameters which have a
great influcnce on discrimination between normal and abnormal cells.

This paper shows the effectivencss of propesed method to 240 thyroid gland cells(60 normal cells, 120 follicular neoplastic
cells and 60 papillary neoplastic cells) and new dominant feature parameters obtained by genetic algorithms. As a consequence
of using the proposed method, average recognition rate of 88.75 % was obtained.
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Table 1. Feature parameters

No, Symbol Feature

1 SX Nuclear X-Size

Z SY Nuclear Y-Siza

3 MS Average of SX and 5Y

4 DS Densaness

5 PM Perimeter

5] GM Gray Level Mean of Nucleus
7 SD Standard Deviation

8 AR Nuclear Area

9 VR Valid Rate

10 AP Averaged Power of Nucleus
11 AC Autogorrelation

12 ET Entropy

13 IN Inactivity

14 AV Absolute Value

15 1D Inverse Difference

16 RP Ratio of ( PM / MS )
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