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ABSTRACT

In this paper, we propose an Adaptive Intelligent Monitoring network System(AIMS) for The truck scale balance
system. The truck scaled balance system consists of three parts: load cell part, indicator part, and junction box part.
AIMS is attached to junction box in truck scale balance system. Even if load cell have had some problems, a truck

scale balance system still has been run to determine, the values involving error.

Therefore proposed system is

concentrated on load cell part. Other parts have been changed a portion of circuit for monitoring system. We
construct monitoring system for a truck scaled Dbalance system used intelligent algorithms of fuzzy logic and

fuzzy-—neural network.
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Fig 3. Fuzzy Inference model
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Table 1. Results of Fuzzy
18 | 28 | 38 | 43 | 5% | 63 | 73 83 93|

CELL 85.01(87.49(81.23| 50 90 10 50 70 50
CEELL 85.01| 84 70 20 70 70 30 70 70
CiLL 85.01| 70 70 50 70 20 50 50 70
CiLL 85.01| 70 70 50 70 70 50 70 70
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