200044 117 EBFIBEWHXEE F37H SPR F 11 % 17

#302000-37SP-11-3
Y A As 7R FHolE o8 A As M
(Improvement of Retrieval Performance using
Automatically Weighted Image Features)

4 B ARY, KM EE ETT, F BT
(Kang-Wook Kim, Jong-Ho Park, and Chang-Sik Hwang)

(=] oF
el =

1m

W87 G AAelxe e, Jel, A7) A 7] HEAQD G4 SAEe] F2 ARE @ 7
SARME ARgshe A W ke Uieel Bk mladiel s GAde] gt Heldas F2
A HolA Rty A o7l FHA 3 SAES AT whiEe] wel A7y stk a2y o
SAEE Al ARSske A4 Axdolzt AxetE 7F SAE W 7FA2E HsAl feiEHA o
W A= A3 9SS €97 24 Wt A Aol "oRAA Ak oled EAEE SEs] s
2 =relie ol JF SRSl A4 AHE o 4 BAel AR 71EAE AR FojdiA 234
AdeS WSkl @) ARkl L 002700) e GAMER 7R dlely welxely e s o
e At e Ed 2 A EelEsien] Add e A HiE o847 Hhi ]
st A4 Aeel Mdde & 5 ek

fe 4

-

Kl

Abstract

Typical image features such as color, shape, and texture are used in content-based image retrieval.
Retrieval which uses only one image feature has little performance in case that the content of image
is complex or database contains many images. So, many approaches for integrating these features
have been studied. However, the problem of these approaches is how to appropriately weight the
image features at query time. In this paper, we propose a new retrieval method using automatically
weighted image features. We perform computer simulations in test database which consists of various
kinds of images. The experimental results show that the proposed method has better performance than
previous works, which use fixed weight for each feature mostly, in respect to several performance
evaluations such as precision vs recall, retrieval efficiency, and ranking measure.
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Fig. 1. Key generation of shape image feature.
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